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1.ABSTRACT:
Ridesharing is a mobility concept in which a trip is shared by a vehicle’s driver and one or more passengers called riders. Ridesharing is considered as a more environmentally friendly alternative to single driver commutes in pollution-creating vehicles on overcrowded streets. In this paper, we present the core of a new strategy of the ridesharing system, making it more flexible and competitive than the recurring system. More precisely, we allow the driver and the rider to meet each other at an intermediate starting location and to separate at another intermediate ending location not necessarily their origins and destinations, respectively. This allows to  reduce both the driver’s detour and the total travel cost. The term “A priori approach” means that the driver sets the sharing cost rate on the common path with rider in advance. Exact and heuristic approaches to identify meeting locations, while minimizing the total travel cost of both driver and rider are proposed. Finally, we analyze their empirical performance on a set of real road networks consisting of up to 3,5 million nodes and 8,7 million edges. Our experimental results show that our heuristics provide efficient performances within short CPU times and improves the recurring ridesharing approach in terms of cost-savings.








2. Existing System:
   Dynamic ride sharing systems, such as Uber, 1Lyft2andDidi Chuxing, 3have become popular transport alternatives in cities across the world. These systems offer real time plat-forms to both private car owners and the passengers for sharing rides in similar directions. They usually dispatch a taxi (ora private car) that is not fully occupied to a ride request, and schedule specified pick-up and drop-off locations and time sequences for the sharing ride, with the objective of finding the best match between the drivers and passengers. These sharing services, however, only provide sub-optimal sharing schedule due to the unpredictable en-route sharing requests. The on-board passengers may encounter unexpected route sharing requests and thus could suffer unpleasant sharing experience with extended travel time during their trips. By contrast, another type of taxi-sharing systems, such asBandwagon, 4also spring up. These systems are designed to shrink taxi lines by instantly matching the passengers waiting in line with similar directions and letting them share rides.





2.1 .Drawback:
· You won’t have much freedom or flexibility with your schedule and activities.
· You won’t have much privacy.
· The designated driver is responsible for his passengers. 

















3. Proposed Work:

Before providing a framework for ridesharing services, we need to define how users plan their shared rides in advance by looking at currently available examples. We outline the needs that the service has to satisfy, the main features of the service itself, and the perceived value of it, both from the passenger and the driver’s point of view. A scenario is depicted in where there are three different locations that are connected and easily reachable by car. Passengers and drivers must know in advance all the details of the trip, and both parties agree on factors such as the time and the location of departure and arrival. 












3.1. ADVANTAGES:

· Reduce traffic congestion.
· Reduce the number of trips a vehicle makes.
· Reduce the emissions that come from vehicles.
· ou don’t have to make cash payment. 
· You are able to track where the driver is at any given moment. 
· You are notified as the driver gets close to where you are. 















4. INTRODUCTION:
With the steady growth in urban population [1], cities face huge challenges around transportation, resource consumption, and pollution. Ride sharing has been proposed as a strategy to decrease road traffic and gasoline consumption [2] while at the same time serving the transportation needs of city dwellers. In large cities, there is substantial unused capacity that can be filled by ride-sharing services. Consider, for example New York City (NYC): each day, taxi cabs make 500 thousand trips and serve 600 thousand passengers; this translates into
an average occupancy rate of only 1.2 passengers per trip [3]. While private companies such as Uber, Lift, Via, Bandwagon and Cab With Me already provide ride-sharing services, they represent a small percentage of the market.
A wide deployment of ride sharing requires a better understanding
of its tradeoffs. This is challenging since there are multiple stakeholders with different and sometimes conflicting interests. Governments want less traffic and pollution; taxi companies want to maximize their profits; and passengers
would like to reach their destination quickly and cheaply. To design an effective policy, these interests need to be considered. Early approaches to this problem have been primarily devised on the basis of survey data [4] and analysis
of psychological incentives [5]–[7]. Ride sharing has also been modeled as an optimization problem whose objective is to identify optimal ride-sharing schedules [8]–[13]. However, these approaches focus on small-scale problems, such as
sharing at airports, since large-scale optimization is often
computationally infeasible. The availability of large volumes of taxi trip data creates new opportunities to apply data-driven approaches to this problem.
Santi et al. [14] proposed a graph-based approach to the taxi ride-sharing problem and reported on results using NYC taxi data. Their model computes optimal sharing strategies for trips and contains two key parameters: the maximum number
of trips that can be shared and the maximum delay customers can tolerate. While this allows the study of sharing benefits as a function of passenger inconvenience, the model has important limitations. Notably, it is intractable for scenarios that consider the sharing of three or more trips and it assumes that all trips are known in advance. Ma et al. [15] introduced TShare, a ride-sharing dispatch system that can serve real-time mrequests issued by passengers and generates schedules that
reduce the total travel distance. This system, however, was not designed to support simulations: it neither provides the necessary parameters to simulate different scenarios, nor does it scale to very large data sets. We propose a data-driven simulation framework that enables the analysis of a wide range of ride-sharing scenarios. In contrast to the model used in [14], in our model, trips need not
be known in advance – the framework supports the simulation of real-time ride sharing which serves unplanned trips, and fits well the models using different vendors, such as Yellow cabs and Uber. Furthermore, the simulation model represents taxis and trips as distinct entities, and provides variables that enable
the study of realistic scenarios by taking into account the needs and constraints of multiple stakeholders. These include different customer preferences (e.g., maximum number of additional stops and wait time), and taxi-specific constraints often dictated by ride-sharing vendors, for example, the number of passengers on a per-taxi basis and maximum number of shared.
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Fig. 1: Our taxi ride-sharing model consists of three main entities: taxis, passengers and a scheduler. Given a trip request issued in realtime, our model assigns this trip to a taxi in such a way to optimize a given cost function while at the same time respecting a set of predefined constraints. trips. The flexibility of the model comes at a cost: assigning trips to taxis in real-time is computationally expensive. We
describe a new optimization algorithm that is linear in the number of trips and makes use of an efficient indexing scheme, which combined with parallelization, makes our approach scalable. We evaluate the efficiency and effectiveness of our
model using taxi data from NYC, which contains information about over 360 million trips taken by the NYC’s 13,000 taxis in 2011 and 2012. The results demonstrate that our approach is efficient: one simulation using over 150 million trips can be run in under 10 minutes using a 1200-core cluster, allowing multiple scenarios to be studied in a timely manner. We also show that the framework is effective and can provide insights into strategies for implementing city-wide ride-sharing solutions.We experimentally compare our approach against [14] and argue that their model can underestimate the benefits of the taxi ride sharing.


With the constant growth of urban size and population, private car use has increased rapidly for its convenience, flexibility, and comfort, which yet causes a series of traffic and environment issues, such as congestion, parking shortage, energy overconsumption, and air pollution. The app-based transportation network and taxi companies (TNC), such as Uber, Lyft, and Didi, have rapidly developed to provide the on-demand ridesharing service that achieves the balance of transport mobility and social benefit. For example, in 2017 the number of Uber user reservations has reached 40 million per month and Uber’s share of the United States ride hailing market is 77% (http://www.businessofapps.com/data/uber-statistics/). In China, the number of TNC users ismore than 150 million,
accounting for 22.3% of the netizens. Different from the conventional taxi companies, TNC is able to collect passengers’ reservations through smartphone
apps and quickly extract the detailed travel information, such as the origin and destination locations and the corresponding departure and arrival time windows.Therequest information is then converted into some task lists involving the specific service schedules (i.e., visiting times and locations) and routing path, which is then performed by a fleet of vehicles. This new technology brings great convenience to passengers but may incur a series of fleet management issues due to the complex topology of urban road network and unpredictable traffic conditions. Specifically, in some cases the pickup or delivery locations of passengers may be spatially nearby but topologically inaccessible or even temporally unreachable for vehicles. This will cause extra detours of vehicles or long-time waiting, which will apparently impact the efficiency of the operation system and reduce the service quality.
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	 Although ridesharing can provide a wealth of benefits, such as reduced travel costs, congestion, and consequently less pollution, there are a number of challenges that have restricted its widespread adoption
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People living in highly-populated cities increasingly suffer an impoverishment of their quality of life due to pollution and traffic congestion















6. ARCHITECTURE DIAGRAM:
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Figure 1 is the architecture diagram for our ride sharing application. The system is a client-server model. There are two client side applications, one is for the rider, and the other is for the driver. The rider can request a car by providing his/her preferred start location and the destination of the trip. The rider can also select vehicle type, view the cost of the trip, track the driver’s current location, pay and rate the driver after the trip. The driver can view all the trip requests from different riders within a predefined distance, select a request, and pick up the rider.
In the server side, there are total of six modules:
 1)Admin module: this module is for the web server part of our project. It deals with search rider or driver, approves the driver’s registration, review all the trip data.
 2) Rider module: this module is responsible for all the functionalities of rider.
 3) Driver module: this module implements all the responsibilities of the driver. 
4) Authentication module: this module consists of three parts, each part is to authenticating each type of user: driver, rider and admin.
5) Email module: this module is responsible for sending four types of the email.
 a) sending an email to a rider or a driver once the registration is approved; b) sending a warning email to the driver if his/her rating is below a threshold; c) sending an email to notify a driver to close his/her account since the rating did not improve within a time period after the warning was issued; d) sending the trip receipt to the rider. 
6)Data model module: this module defines the schema of all the data needed to be stored in Monod. It includes the user’s registration and trip details.
Figure 2 is a screen shot of the rider’s app for making a trip request. Figure 3 is the screen shot for the driver’s app. The driver received the rider’s request.
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Once the driver accepts the trip request, the rider can view the driver’s current location. Figure 4 and Figure 5 are screen shots on the rider’s app. The rider can see where the driver’s current location is on the map.
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