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ABSTRACT

Bitcoin and its decentralized computing paradigm for digital currency trading are one of the most disruptive technology in the 21st century. 
This paper presents a novel approach to developing a Bitcoin transaction forecast model, DL Forecast, by leveraging deep neural networks for learning Bitcoin transaction network representations. DL Forecast makes three original contributions. 
To maintain an effective transaction forecasting performance, we leverage the multiplicative model update (MMU) ensemble to combine prediction models built on different transaction features extracted from each corresponding Bitcoin transaction graph.
Evaluated on real-world Bitcoin transaction data, we show that our spatial-temporal forecasting model is efficient with fast runtime and effective with forecasting accuracy over 60% and improves the prediction performance by 50% when compared to forecasting model built on the static graph baseline. 


SYSTEM ANALYSIS

EXISTING SYSTEM:

· We first provide an introduction to the real-world Bitcoin transaction dataset and demonstrate three key features : reach ability pattern, transaction amount pattern, and dynamics.
· The DLForecast development is inspired by two orthogonal research threads: (1) Statistic characterization of the Bitcoin transaction dataset. (2) Graph Mining.
· The development of our transaction forecasting DNN model consists of three main tasks. 
DISADVANTAGE OF EXISTING SYSTEM:

· Some of the transaction patterns in the present days are quite different from those of 5 years or 10 years ago. 
· How to capture the up-to-date transaction patterns for accurate analysis and prediction on demand is a challenging problem. 
· Bitcoin transaction addresses(accounts) have a short life span, and those transaction shappened in the past will have a very limited impact on future transactions, and such influence also decays overtime. 

PROPOSED SYSTEM:

· In this paper, we present DLForecast, a Bitcoin transaction forecasting system, by leveraging deep network representation learning. 
· Our goal is to predict transaction relationships among accounts on the Bitcoin network. 
· This is the first paper applying DNN models on forecasting Bitcoin transactions using the real-world Bitcoin transaction data.
· The ensemble ensures the stable yet competitive performance of the proposed Bitcoin transaction forecasting system. 
ADVANTAGES OF PROPOSED SYSTEM:
· The ensemble ensures the stable yet competitive performance of the proposed Bitcoin transaction forecasting  system.
· We evaluate the forecasting performance of Bitcoin transactions using accuracy and f1-score.
· the transaction pattern changes over time and the forecasting performance relies heavily on the data itself, no single method can outperform all others. 


LITERATURE SURVEY:
	TITLE
	AUTHORS
	DESCRIPTION

	A peer-to-peer electronic cash sys-tem 

	S. Nakamoto and A. Bitcoin, 

	We propose a solution to the double-spending problem using a peer-to-peer network. The network timestamps transactions by hashing them into an ongoing chain of hash-based proof-of-work, forming a record that cannot be changed without redoing the proof-of-work. 


	Security and privacy on block chain 

	R. Zhang, R. Xue, and L. Liu, 

	To facilitate the discussion, we first introduce the notion of block chains and its utility in the context of Bitcoin-like online transactions. 


	Bitter to better how to make bitcoin a better currency 

	S. Barber, X. Boyen, E. Shi, and E. Uzun, 

	We perform an in-depth investigation to understand what made Bitcoin so successful, while decades of research on cryptographic e-cash has not lead to a large-scale deployment. 


	Majority is not enough: Bitcoin mining is vulnerable 

	I. Eyal and E. G. Sirer, 

	Conventional wisdom asserts that the mining protocol is incentive-compatible and secure against colluding minority groups, that is, it in-centivizes miners to follow the protocol as prescribed. 




Architecture diagram:
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SOFTWARE REQUIREMENTS:

· Operating System	: Windows 10
· Platform			: DOT NET TECHNOLOGY
· Front End		: ASP.Net 4.0
· Back End		: SQL SERVER 2014

HARDWARE REQUIREMENTS
· Keyboard
· Mouse
· Hard disk 500GB
· Ram 4 Gb
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