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ABSTRACT

The city’s district attraction ranking plays an essential role in the city’s government because it can be used to reveal the city’s district attraction and thus help government make decisions for urban planning in terms of the smart city . 
The traditional methods for urban planning mainly rely on the district’s GDP, employment rate, population density, information from questionnaire surveys and so on. 
However, as a comparison , such information is becoming relatively less informative as the explosion of an increasing amount of urban data. 
With the development of urban computing, it is possible to make good use of urban data for urban planning.
To this end, based on taxi big data obtained from Guangzhou, China, this paper proposes a district attraction ranking approach called Attract Rank, which for the first time uses taxi big data for district ranking. 
An application system is developed for demonstration purposes.

SYSTEM ANALYSIS
EXISTING SYSTEM:
· With the rapidly growing population in urban areas, these days the urban road networks are expanding at a faster rate. 
· The frequent movement of people on them leads to traffic congestions. These congestions originate from some crowded road segments, and diffuse towards other parts of the urban road networks creating further congestions. 
· This behavior of road networks motivates the need to understand the influence of individual road segments on others in terms of congestion. In this work, we propose Road Rank, an algorithm to compute the influence scores of each road segment in an urban road network, and rank them based on their overall influence.
DISADVANTAGE OF EXISTING SYSTEM:

· Its goal is to use data from various sources to solve some of the problems encountered in today’s urbanization process , such as air pollution
· In the era of big data, data-driven application has become a feature in many areas, such as wastewater treatment process.
· he development of network theory and the emergence of various data such as social data, migration data, taxi operating data and smartcard data, statistical analysis of network and flows between locations can be conducted. 
· Based on the aforementioned data , a research direction called smart city has emerged

PROPOSED SYSTEM:

· In this paper proposes a district attraction ranking approach called Attract Rank, which for the first time uses taxi big data for district ranking . 
· Taxis are viewed as sensors of the city traffic situation. There fore we treat them as reasonable sampling of real traffic flow and use them to study the vehicles’ travel behaviour.
· We propose a ranking based visual analysis method to study taxi travel behaviour on a route .
· We develop an interactive system to support ranking based explorations of taxi travel behaviour, and we evaluate it with use cases and a user study.

ADVANTAGES OF PROPOSED SYSTEM:

· We proposed an attractive area clustering algorithm based on grid density. Based on taxi spatio-temporal trajectory data , Mouet al.
· we propose a district attraction ranking method called Attract Rank, which is the first attempt to use taxi big data for district ranking as well as to overcome some shortcomings of the existing related methods.
· To this end, based on taxi big data obtained from Guangzhou, China, this paper proposes a district attraction ranking approach called Attract Rank, which for the first time uses taxi big data for district ranking. An application system is developed for demonstration purposes






LITERATURE SURVEY:
	TITLE
	AUTHORS
	DESCRIPTION

	Mining trip attractive areas using large-scale taxi trajectory data 

	L. Zheng, D. Xia, X. Zhao, and W. Liu 

	With the rapid development of location aware computing technologies, the research of data mining for spatial-temporal trajectories has attracted many scholars. 


	Urban function identification based on POI and taxi trajectory data 

	X. Mou, F. Cai, X. Zhang, J. Chen, and R. Zhu, 

	this study proposes a non-negative matrix decomposition (KNMF) model with kernel function, and uses this model to identify urban functions. 


	Exploring the urban region-of-interest through the analysis of online map search queries 

	Y. Sun, H. Zhu, F. Zhuang, J. Gu, and Q 

	Indeed, by visualizing the results obtained from URPTM, we can successfully obtain many meaningful travel patterns and interesting discoveries on urban lives. 


	Urban attractors: Discovering patterns in regions of attraction in cities 

	M. Alhazzani, F. Alhasoun, Z. Alawwad, and M. C. Gonz ́alez, 

	we present a framework for classifying districts in cities by their attractiveness to visitors, and relating Points of Interests (POIs) types to districts' attraction patterns 












Architecture diagram:
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SOFTWARE REQUIREMENTS:

· Operating System	: Windows 10
· Platform			: DOT NET TECHNOLOGY
· Front End		: ASP.Net 4.0
· Back End		: SQL SERVER 2014

HARDWARE REQUIREMENTS
· Keyboard
· Mouse
· Hard disk 500GB
· Ram 4 Gb
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