




A General Approach For Supporting Time Series Matching using Multiple-Warped Distances







ABSTRACT
· Time series are generated at an unprecedented rate in domains ranging from finance, medicine to education.
·  Collections composed of heterogeneous, variable-length and misaligned times series are best explored using a plethora of dynamic time warping distances. However, the computational costs of using such elastic distances result in unacceptable response times. 
· We thus design the first practical solution for the efficient GENeral EXploration of time series leveraging multiple warped distances.
· GENEX pre-processes time series data in metric point-wise distance spaces, while providing bounds for the accuracy of corresponding analytics derived in non-metric warped distance spaces. 
· Our empirical evaluation on 66 benchmark datasets provides a comparative study of the accuracy and response times of diverse warped distances.
·  We show that GENEX is a versatileyet highly efficient solution for processing expensive-to-computewarped distances over large datasets, with response times 3 to 5orders of magnitude faster than state-of-art systems. 


SYSTEM ANALYSIS
EXISTING SYSTEM:
· The “edit operations” we use the paradigm of a graphical editing process and end up with a dynamic programming algorithm that we call Time Warp Edit Distance (TWED). 
· TWED is slightly different in form from Dynamic Time Warping, Longest Common Subsequence or Edit Distance with Real Penalty algorithms. 
· In particular, it highlights a parameter which controls a kind of stiffness of the elastic measure along the time axis. 

DISADVANTAGE OF EXISTING SYSTEM:
· Mitigating this problem for a large array of distances at the theoretical rather than empirical level opens the door for increased versatility by allowing the in corpora-tion of new distances, while guaranteeing accurate similarity exploration results with response times up to 5 orders of magnitude faster than existing systems. 
· Mitigating this problem for a large array of distances at the theoretical rather than empirical level opens the door for increased versatility by allowing the in corpora-tion of new distances, while guaranteeing accurate similarity exploration results with response times up to 5 orders of magnitude faster than existing systems. 


PROPOSED SYSTEM:

· In this paper we address the case of elastic metrics, namely elastic similarity measures that jointly exploit time shifting and possess all the properties of a distance, in particular the triangle inequality. Our contribution is basically four folded:
·  The first contribution of this paper is the proposal of a new elastic metric which we call TWED (“Time Warp Edit Distances”). 
·   The second contribution is related to the introduction of a parameter we call stiffness which drives the elasticity of TWED, placing this kind of distance in between the Euclidian distance (somehow a distance with ‘infinite stiffness’) and DTW (somehow a similarity measure with no ‘stiffness’ at all). 
· The third contribution proposes a lower bound for the TWED measure which allows relating the evaluation of the matching of two time series into down sampled representation spaces to the evaluation of their matching into their original representation spaces.
· The fourth contribution of the paper is an empiric evaluation of the quality of TWED based on a simple classification experiment that provides some highlights on the effectiveness of TWED compared to the Euclidian Distance (ED), DTW, LCSS and ERP. The influence of the stiffness parameter on classification error rates is also analyzed. 


ADVANTAGES OF PROPOSED SYSTEM:

· Our proposed GENEX technology can be used to explore large datasets with in seconds. 
· High data cardinality leading to a compromise between increased responsiveness and higher accuracy.
· We instead report the online performance which reflects the analyst‘s experience . Both competitors take advantage of the well-known lower boundLBkeogh optimization in their implementations.

LITERATURE SURVEY:
	TITLE
	AUTHORS
	DESCRIPTION

	Cluster analysis of time-series medical data based on the trajectory representation and multiscale comparison techniques 

	S. Hirano and S. Tsumoto 

	This paper presents a cluster analysis method for multi-dimensional time-series data on clinical laboratory exami-natios. 


	Correlating financial time series with micro-blogging activity, 

	E. Ruiz, V. Hristidiset al., 

	We study the problem of correlating micro-blogging activity withstock-market events, defined as changes in the price and traded vol-ume of stocks. 


	Generalized dynamic time warping: Unleashing the warping power hidden in point-wise distances. 

	R. Neamtu, R. Ahsanet al., 

	Analysts instead need “elastic” alignment tools such as Dynamic Time Warping (DTW) to perform such flexible comparisons. 


	Aligning gene expression time series with time warping algorithms 

	J. Aach and G. Church, 

	We present implementations of time warping algorithms applicable to RNA and protein expression data and demonstrate their application to published yeast RNA expression time series. 



















Architecture diagram:
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SOFTWARE REQUIREMENTS:

· Operating System	: Windows 10
· Platform			: DOT NET TECHNOLOGY
· Front End		: ASP.Net 4.0
· Back End		: SQL SERVER 2014

HARDWARE REQUIREMENTS
· Keyboard
· Mouse
· Hard disk 500GB
· Ram 4 Gb
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