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ABSTRACT
Large amount of Twitter accounts are suspended. Over five year period, about 14% accounts are terminated for reasons not specified explicitly by the service provider. We collected about 120,000 suspended users, along with their tweets and social relations. This thesis studies these suspended users, and compares them with normal users in terms of their tweets. We train classifiers to automatically predict whether a user will be suspended. Three different kinds of features are used. We experimented using Nave Bayes method, including Bernoulli (BNB) and multinomial (MNB) plus various feature selection mechanisms (mutual information, chi square and point-wise mutual information) and achieved F1=78%. To reduce the high dimensions, in our second approach we use word2vec and doc2vec to represent each user with a vector of a shot and fixed length and achieved F1 (73%) using SVM with RBF function kernel. Random forest works best with F1=74% on this approach.



       
                            
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· At the heart of the Twitter spam craft are thousands of fraudulent accounts created for the explicit purposes of soliciting products. 77% of these accounts are banned within a day of their first post, and 89% acquire less than 10 followers at the height of their existence.
· A second form of monetization we identify is the use of syndicated ads from existing ad networks. 
· The creation times of the campaigns’ accounts, with activation and suspension times overlapped for the single day of the campaign’s existence.
· Existing blacklists are too slow at identifying threats appearing on social networks, as well as often inaccurate with respect to both false positives and negatives 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· Our work tried to used full text of tweets and large dataset of suspended users to avoid these problems.
· When converting words vector into tweet vector, we may face the problem that the word cannot be found in the vocabulary of pre-trained model.
· When using n-gram language model, the main problems we face is the huge size of feature set, leading to a lot of time spending on training and testing.
· In order to solve the problem that the feature selection method will have more probability to select the features from suspended users than select from non-suspended users, we used token frequency instead of number of users. 
2.2. PROPOSED SYSTEM 
· This infrastructure includes automatically generated accounts created for the explicit purpose of soliciting spam; the emergence of spam-as-a-service programs that connect Twitter account controllers to marketers selling products; and finally the techniques required to maintain large-scale spam campaigns despite Twitter’s counter-efforts. 
· While 11% of spam accounts attempt to befriend users, either for the purpose of acquiring followers or for obtaining the privilege to direct messages, it is clear that legitimate Twitter users rarely respond in kind. 
· In contrast, we find a majority of suspended accounts in our dataset were fraudulent and created for the explicit purpose of spamming.
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· The authors claimed that using RIPPER in two steps achieved the best performance among the combinations of classifiers.
· In this approach, all the terms are potential features, although we will also need to select from them for efficiency and performance consideration. 
· All these processes have been done by C++ so that we can manually control the memory and achieve a better performance.
· In order to evaluate the performances of each feature selection methods, we tried to adjust the size of features to filter the dataset and then run 10-fold cross validation on classification by using Multinomial Naive Bayes classifier. 
· Machine learning approaches have already been widely used to detect spam email. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Detecting social spam campaigns on twitter
	Zi Chu, Indra Widjaja, and Haining Wang. 
	Our work takes the collective perspective, and focuses on detecting spam campaigns that manipulate multiple accounts to spread spam on Twitter. 

	Spam detection on twitter using traditional classifiers
	Michael Mccord and M Chuah. 
	In this paper, we discuss some user-based and content-based features that are different between spammers and legitimate users.

	Detecting spammers on twitter
	Fabricio Benevenuto, Gabriel Magno, Tiago Rodrigues, and Virgilio Almeida. 
	We then identify a number of charac-teristics related to tweet content and user social behavior, which could potentially be used to detect spammers. 

	Linguistic regularities in continuous space word representations
	Tomas Mikolov, Wen-tau Yih, and Geoffrey Zweig. 
	In this paper, we examine the vector-space word representations that are implicitly learned by the input-layer weights.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005








CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In our research, we collected a large dataset of suspended users and analysed this dataset to reveal the different between suspended users and normal users. We tried to classify them by Naive Bayes classifier, together with several feature selection methods on n-gram models derived from the tweets, resulting in 76.75% accuracy and 78.54% F1. We also tried different word embedding methods to convert users into vectors. We tried some classifiers on converted user vectors. When using SVM with RBF kernel function, we achieved 73.28% accuracy and 73.39% F1 on 1000 dimension user vector trained by Paragraph Vector method. After analyzing the characteristic of bad words using in suspended users, we found the number of bad words using users is as twice larger as that number of normal users. And we also introduced Badscore to evaluate probability of whether a word can be a bad word. 
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