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ABSTRACT
This paper presents a machine learning strategy that tackles a distributed optimization task in a wireless network with an arbitrary number of randomly interconnected nodes. Individual nodes decide their optimal states with distributed coordination among other nodes through randomly varying backhaul links. This poses a technical challenge in distributed universal optimization policy robust to a random topology of the wireless network, which has not been properly addressed by conventional deep neural networks (DNNs) with rigid structural configurations. We develop a flexible DNN formalism termed distributed message-passing neural network (DMPNN) with forward and backward computations independent of the network topology. A key enabler of this approach is an iterative message-sharing strategy through arbitrarily connected backhaul links. The DMPNN provides a convergent solution for iterative coordination by learning numerous random backhaul interactions. The DMPNN is investigated for various configurations of the power control in wireless networks, and intensive numerical results prove its universality and viability over conventional optimization and DNN approaches.


                             CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· It is possible to accurately sense the entire space by using a low-cost micro sensor compared to the existing sensor.
· However, the existing LEACH method is only based on the model with a static topology, but a case for a disposable sensor is included in an autonomous thing’s environment.
· We compared the results of the dynamic and static topology model with existing LEACH on the aspects of energy loss, number of alive nodes, and throughput.
· Existing IoT sensors have limitations in price, size, and weight, so it is difficult to precisely monitor a wide range of physical spaces.
· The Q-value function is calculated using the existing estimate, not the final return.
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· Wireless resource management problems with uniform node and resource types are considered in a class of the permutation-invariant problems.
· We address applications in the resource management of interference channels (IFCs) where N transmitter-receiver pairs communicate with the same radio resources. 
· Transmitters are designated as nodes in (P) responsible for solving distributed power control problems.
· We test the performance of the DMPNN for tackling two power control problems of (P1) and (P2). 
· The node population corresponding to the number of the transmitter-receiver pairs in the wireless network is chosen at random within the range of N ∈. 
2.2. PROPOSED SYSTEM 
· A Q-learning-based cooperative sensing plan is proposed to enhance the performance of spectrum in a wireless network environment.
· In addition, it is proposed I-LEACH to save energy, while communicating within the network.
· In order to increase the stability of the network, we proposed Optimized-LEACH(O-LEACH), which optimizes CH selection.
· Therefore, the proposed F-LEACH in this paper provides more effective distributed clustering compared to the D-LEACH protocol. 
· The proposed algorithm sets SINR as state and chooses to use transmit power as action.
· The basic LEACH protocol and implementation of the proposed algorithm are used in the statistic and dynamic topology models.


2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· Supervised learning techniques save significant computational complexity at the cost of the performance, while unsupervised learning algorithms to optimize network utilities have also been developed in network applications.
· The FNN baseline provides the state-of-the-art performance of unsupervised learning methods.
· One can see that the DMPNN, when tested in an edgeless setup of no node interaction, still shows a good performance that outperforms naive peak power and random power allocation schemes.
· Although the choice of a small value for M simplifies the system design, it generally degrades the learning performance.
· Nodes exchange high-dimensional messages for an improved performance with limited coordination. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Factor graphs and the sum-product algorithm
	F. R. Kschischang, B. J. Frey, and H.-A. Loeliger, 
	Algorithms that must deal with complicated global functions of many variables often exploit the manner in which the given functions factor as a product of "local" functions, each of which depends on a subset of the variables.

	Distributed optimization and statistical learning via the alternating direction method and multipliers
	S. Boyd, N. Parikh, E. Chu, B. Peleato, and J. Eckstein, 
	Many problems of recent interest in statistics and machine learning can be posed in the framework of convex optimization. 

	A unifined algorithmic framework for block-structured optimization involving big data: with applications in machine learning and signal processing
	M. Hong, M. Razaviyayn, Z.-Q. Luo, and J.-S. Pang, 
	This article presents a powerful algorithmic framework for big data optimization, called the block successive upper-bound minimization (BSUM).

	Majorization-minimization algorithms in signal processing, communications, and machine learning
	Y. Sun, P. Babu, and D. P. Palomar, 
	This paper gives an overview of the majorization-minimization (MM) algorithmic framework, which can provide guidance in deriving problem-driven algorithms with low computational cost.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.

2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
     This work studies a novel DL framework that addresses universal distributed optimization over random networks with random configurations of node population and backhaul connection topology. This universal formulation has not been approached very well with conventional optimization and DL techniques for their typical rigid computation structures. To handle this difficulty, a DMP inference algorithm that handles arbitrary networking configurations is proposed first. Subsequently, a model-driven DMPNN framework is developed to learn the DMP inference. Numerical results verify that the proposed framework efficiently can address distributed maxsum and max-min power control tasks over varying network topology in the IFC. For a future work, the identification of its decentralized learning technique is worthwhile to pursue. 
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