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ABSTRACT
The global healthcare industry and artificial intelligence has promoted the development of the diversified intelligent healthcare applications. IoT will play an important role in meeting the high throughput requirements of diversified intelligent healthcare applications. However, the healthcare big data transmission is vulnerable to a potential attack, which can cause network outages and serious healthcare security issues. To process complex healthcare security event in real time, security performance prediction is critical for mobile IoT-enabled healthcare networks. In this paper, we first analyze the security performance, and derive the novel expressions. Then, to analyze the security performance in real time, an security performance intelligent prediction algorithm is proposed. An improved CNN model is designed, which combines four layer convolutions and a four-branch inception block. Compared with different methods, the proposed intelligent algorithm can obtain better security performance prediction. In particular, for prediction precision, the proposed intelligent algorithm is increased by 20%.



                            
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· The aim of this paper is to present a comprehensive overview of existing ML approaches and their application in IoT medical data. 
· In a thorough analysis, we observe that different ML prediction algorithms have various shortcomings. 
· Depending on the type of IoT dataset, we need to choose an optimal method to predict critical healthcare data
· Main focus is determining the distance between a new unlabelled data point and the existing training datasets stored in the feature space.
· The study further compares existing literature, highlights their features and shortcomings, and discusses possible gaps in each approach in order to select appropriate algorithms for building an efficient prediction model. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· The transmit antenna selection (TAS) and cooperative communication schemes are commonly used to reduce the complexity and the energy consumption, which directly impact the performance of mobile IoT networks.
· However, the pooling layers may remove features that have an important impact on CNN prediction output. 
· In order to avoid the loss of important information, an improved CNN without the pooling layer is designed in this paper.
· In this paper, we investigate the OP performance analysis of mobile IoT communication networks and propose an OP intelligent prediction algorithm based on an improved convolutional neural network (CNN). 
2.2. PROPOSED SYSTEM 
· The proposed system was integrated with base station appliances to remotely regulate the pulse and temperature of patients as well as convey the patient’s data to the medical practitioner’s phone. 
· Therefore, the proposed platform could monitor attributes of patients including temperature, glucose, respiratory, EEG (electroencephalogram), ECG (electrocardiogram), and BP (blood pressure), and relay them to a database via Wi-Fi or GPRS.
· The proposed review intends to offer an updated assessment of medical imaging ML algorithms and their application. 
· The proposed review hopes to continue in this vein but add on an in-depth examination of the application of these ML algorithms in practical environments and the potential benefits.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· The OP performance can predict the interruption level, which is extremely important to ensure the IoT QoS.
· Based on IoT big data, artificial intelligence (AI) is an effective technology to predict the performance. 
· The widely used methods for performance prediction include radial basis function (RBF), Elman, extreme learning machine (ELM), and generalized regression (GR) methods. 
· A good CNN model can not only optimize the performance prediction, but also reduce the cost and time of model selection.
· Therefore, the mobile OP performance prediction is investigated in mobile IoT big data wireless transmission. The mobile OP performance is first analyzed by combining the decodeand-forward (DF) relaying and transmit antenna selection (TAS) schemes. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Computation offloading for IoT in C-RAN: optimization and deep learning
	C. Pradhan, A. Li, C. Y. She, Y. H. Li, and B. Vucetic, 
	We consider computation offloading for Internet-of-things (IoT) applications in multiple-input-multiple-output (MIMO) cloud-radio-access-network (C-RAN).

	A game-theoretic analysis for complementary and substitutable IoT services delivery with externalities
	Y. Zhang, Z. H. Xiong, D. Niyato, P. Wang, H. V. Poor, and D. I. Kim,
	The Internet of Things (IoT) connects mobile and wireless devices, and enables the IoT service providers to deliver IoT services to the mobile users in various applications, e.g., transportation and communications.

	Towards a scalable public blockchain in fog computing of IoT services computing
	K. Lei, M. Y. Du, J. Y. Huang, and T. J. Groupchain, 
	Our security analysis shows that Groupchain retains the security of Bitcoin-like blockchain and enhances defense against attacks such as double-spend and selfish mining. 

	A collaborative Internet of Things architecture for smart cities and environmental monitoring
	F. Montori, L. Bedogni, and L. Bononi, 
	The collaborative Internet of Things (C-IoT) is an emerging paradigm that involves many communities with the idea of cooperating in data gathering and service sharing. 



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   

2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard


2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
     In this paper, we investigated the intelligent prediction for DF relaying mobile IoT networks using TAS scheme. For performance analysis, the novel OP expressions were derived. According to the characteristics of mobile communication data, an improved CNN was designed. Furthermore, an OP prediction algorithm using the improved CNN was proposed. Experiment results prove that: 1) The OP performance can be improved with the increase of m and decrease of N; 2) OP in relaying communication condition is better than that in direct communication condition, and the OP of the considered DF relaying is best; 3) The optimum values of K are beneficial to the system OP; 4) The proposed algorithm can achieve a better OP prediction result compared with RBF, ELM, GR, BP and Elman methods. From our theoretical analysis, it implies that performance optimization is required. In the future work, swarm intelligence methods will be considered to optimize CNN and obtain the optimum values of K. 
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