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ABSTRACT
This paper studies an unmanned aerial vehicle (UAV)-assisted wireless powered IoT network, where a rotary-wing UAV adopts fly-hover-communicate protocol to successively visit IoT devices in demand. During the hovering periods, the UAV works on full-duplex mode to simultaneously collect data from the target device and charge other devices within its coverage. Practical propulsion power consumption model and non-linear energy harvesting model are taken into account. We formulate a multi-objective optimization problem to jointly optimize three objectives: maximization of sum data rate, maximization of total harvested energy and minimization of UAV’s energy consumption over a particular mission period. These three objectives are in conflict with each other partly and weight parameters are given to describe associated importance. Since IoT devices keep gathering information from the physical surrounding environment and their requirements to upload data change dynamically, online path planning of the UAV is required. In this paper, we apply deep reinforcement learning algorithm to achieve online decision. An extended deep deterministic policy gradient (DDPG) algorithm is proposed to learn control policies of UAV over multiple objectives. While training, the agent learns to produce optimal policies under given weights conditions on the basis of achieving timely data collection according to the requirement priority and avoiding devices’ data overflow. The verification results show that the proposed MODDPG (multi-objective DDPG) algorithm achieves joint optimization of three objectives and optimal policies can be adjusted according to weight parameters among optimization objectives.




        	








                            
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· In, a battery charging policy and interference mitigation scheme were designed for use in UAV-aided wireless power IoT networks, in which a machine learning framework based on echo state networks was exploited to predict the energy consumption of nodes. 
· However, a systematic study of UAV-enabled SWIPT for IoT networks is missing in the aforementioned research works.
· To tackle this problem, a joint 3D placement, beam pattern and power allocation scheme for the UAV can be properly designed.
· The energy-limited IoT devices may have communication requirement for the above considered scenario, such as uploading the collected information. 
· However, the robustness of communication can not be guaranteed when the number of IoT devices increases. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· A deep reinforcement learning (DRL) approach is proposed for solving the continuous optimisation problem with time-varying channels in a centralised fashion. 
· The EE problem is formulated for the downlink channel with the power restrictions and the RIS’s requirement. 
· Through the numerical results, we demonstrate that our proposed methods efficiently solve the joint optimisation problem with the dynamic environmental setting and time-varying CSI and outperform the other benchmarks. 
· We present the system model and problem formulation for the energy-efficient multi-UAV-assisted wireless communications with the support of the RIS. 
2.2. PROPOSED SYSTEM 
· A deep deterministic policy gradient (DDPG)-based algorithm is proposed to achieve the correct prediction of the service requirement of devices (i.e., data transmission and battery charging) and, then, a dynamic path planning scheme is designed to maximize the energy efficiency (EE) of the system.
· In, partial and binary computation offloading modes were proposed for investigating the computation rate maximization problem in a UAV-enabled mobile-edge computing (MEC) wireless-powered system. 
· A DDPG-based method is proposed to predict the service requirements of devices and, then, a dynamic path planning scheme is established.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· To optimise the EE network performance, we propose a centralised DRL technique for jointly solving the power allocation at the UAVs and phase-shift matrix of the RIS.
· Owing to the intrinsic features of RIS and UAVs, the RISassisted UAV communications have been recently considered for enhancing network performance.
· In, the power allocation and the phase-shift optimisation algorithm was proposed for maximising the EE performance.
·  By utilising both advantages of the UAV and the RIS, the network performance are significantly improved in terms of enhancing the received signal and mitigating the interference.
· To improve the network performance, we introduce the proximal policy optimisation (PPO) algorithm with a better sampling technique. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Role of UAVs in public safety communications: Energy efficiency perspective
	S. Shakoor et al., 
	Unmanned aerial vehicles (UAVs) have acquired remarkable popularity, thanks to their variety of applications in numerous domains spanning from surveillance, health to agriculture and smart cities.

	Drones: military weapons, surveillance or mapping tools for environmental monitoring? the need for legal framework is required
	A. Vacca, H. Onishi, and F. Cuccu, 
	 Drones can now be used in the fields of commerce, agriculture, environment, energy. Inevitably, such a wide spread use of drones can bring alarming concerns, such as privacy protection, security, insurance liability and accountability where drones are misused. 

	Learning-aided realtime performance optimisation of cognitive UAV-assisted disaster communication
	T. Q. Duong, L. D. Nguyen, H. D. Tuan, and L. Hanzo, 
	In this work, we propose efficient optimisation methods for relay-assisted unmanned aerial vehicles (UAVs) in cognitive radio networks (CRNs) to cope with the network destruction in the event of a natural disaster.

	Realtime deployment and resource allocation for distributed UAV systems in disaster relief
	L. D. Nguyen, K. K. Nguyen, A. Kortun, and T. Q. Duong, 
	In this work, we propose a robust and efficient resource allocation scheme for UAV-enabled cellular networks that aid in disaster communications. 



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.


2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005






CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, we have proposed multi-UAV networks supported by a RIS panel to enhance the network performance. To maximise the EE of the considered networks, the transmit power at the UAV and the phase-shift matrix at the RIS were jointly optimised by using the DDPG method and PPO technique in a centralised approach. Moreover, to reduce the network’s delay and the power for exchanging the information, we proposed parallel learning for the optimisation problem. The results suggested that we can deploy the DRL algorithms for the real-time optimisation with impressive results compared to other baseline schemes. For the future work, we will improve the model with multiple RIS panel and cooperative communications with an fully autonomous ability in the futures. 
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