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ABSTRACT
These days, clustering is one of the most classical themes to analyze data structures in machine learning and pattern recognition. Recently, the anchor-based graph has been widely adopted to promote the clustering accuracy of plentiful graph-based clustering techniques. In order to achieve more satisfying clustering performance, we propose a novel clustering approach referred to as the progressive self-supervised clustering method with novel category discovery (PSSCNCD), which consists of three separate procedures specifically. First, we propose a new semisupervised framework with novel category discovery to guide label propagation processing, which is reinforced by the parameter-insensitive anchor-based graph obtained from balanced K-means and hierarchical K-means (BKHK). Second, we design a novel representative point selected strategy based on our semisupervised framework to discover each representative point and endow pseudolabel progressively, where every pseudolabel hypothetically corresponds to a real category in each self-supervised label propagation. Third, when sufficient representative points have been found, the labels of all samples will be finally predicted to obtain terminal clustering results. In addition, the experimental results on several toy examples and benchmark data sets comprehensively demonstrate that our method outperforms other clustering approaches.

   
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· Most of the existing works so far assume a fully supervised setting, where the instance level segmentation masks are available during training.
· Most of the existing segmentation datasets contain a small set of annotated categories models trained on these categories are not able to generalize well to novel and long-tail objects present in the real world. 
· Most existing metric learning methods in computer vision use Euclidean or spherical distances. 
· As compared to previous partially or weakly supervised methods that are only trained to detect and segment categories that exist in the ground truth annotations, our method considers a larger set of categories by keeping all the classagnostic mask proposals. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· The second problem is that the over-reliance on source supervision makes it challenging to obtain discriminative features on the target.
· We propose to overcome these challenging problems by introducing Domain Adaptive Neighborhood Clustering via Entropy optimization (DANCE). 
· The underlying issue at play is that existing work heavily relies on prior knowledge about the category shift.
· The positive impact of our work is to reduce the data gathering effort for data-expensive applications.
· The negative impacts could be to make these systems more accessible to companies, governments or individuals that attempt to use them for criminal activities such as fraud. 
2.2. PROPOSED SYSTEM 
· We present an effective approach that exploits the inherent hierarchical visual structure of the objects and enables the embedded features of all proposed masks to be easily differentiated through unsupervised clustering.
· We use sampling mechanisms to sample the masks such that the hierarchical structure in the proposed masks is fully exploited and encoded in the hyperbolic space.
· In this paper we proposed an instance segmentation method that discovers long-tail objects through selfsupervised representation learning.
· Leveraging rich relationship and hierarchical structure between objects in the images, we propose self-supervised losses for learning mask embeddings.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· The main challenge in domain adaptation (DA) is to leverage unlabeled target data to improve the source classifier’s performance while accounting for domain shift. 
· The batch normalization layer whitens the feature activations, which contributes to a performance gain.
· This kind of weak alignment matches our goal because strongly aligning feature distributions can harm the performance on non-closed set domain adaptation. 
· we show improved performance relative to state-of-the-art, negative transfer could still occur, therefore our approach should not be used in mission-critical applications or to make important decisions without human oversight. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Open set domain adaptation
	Pau Panareda Busto and Juergen Gall. 
	In this paper, we target a more challenging but realistic setting: unsupervised open set domain adaptation (UOSDA), where the target domain has unknown classes that are not found in the source domain.

	Partial adversarial domain adaptation
	Zhangjie Cao, Lijia Ma, Mingsheng Long, and Jianmin Wang. 
	In the presence of big data, there is strong motivation of transferring deep models from existing big domains to unknown small domains.

	Learning to transfer examples for partial domain adaptation
	Zhangjie Cao, Kaichao You, Mingsheng Long, Jianmin Wang, and Qiang Yang. 
	In the era of Big Data, large-scale labeled datasets are readily available, stimulating the interest in partial domain adaptation (PDA), which transfers a recognizer from a large labeled domain to a small unlabeled domain.

	Domain generalization by solving jigsaw puzzles
	Fabio M Carlucci, Antonio D’Innocente, Silvia Bucci, Barbara Caputo, and Tatiana Tommasi. 
	This is particularly effective, because supervised learning can never be exhaustive and thus learning autonomously allows to discover invariances and regularities that help to generalize.




2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   

2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard


2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005














CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, we introduce Domain Adaptative Neighborhood Clustering via Entropy optimization (DANCE) which performs well on universal domain adaptation. We propose two novel selfsupervision based components: neighborhood clustering and entropy separation which can handle arbitrary category shift. DANCE is the only model which outperforms the source-only model in all settings and the state-of-the-art baselines in many settings. In addition, we show that DANCE extracts discriminative feature representations for “unknown” class examples without any supervision on the target domain. 
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