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ABSTRACT
    Multiview fuzzy systems aim to deal with fuzzy modeling in multiview scenarios effectively and to obtain the interpretable model through multiview learning. However, current studies of multiview fuzzy systems still face several challenges, one of which is how to achieve efficient collaboration between multiple views when there are few labeled data. To address this challenge, this article explores a novel transductive multiview fuzzy modeling method. The dependency on labeled data is reduced by integrating transductive learning into the fuzzy model to simultaneously learn both the model and the labels using a novel learning criterion. Matrix factorization is incorporated to further improve the performance of the fuzzy model. In addition, collaborative learning between multiple views is used to enhance the robustness of the model. The experimental results indicate that the proposed method is highly competitive with other multiview learning methods. 




       
    
CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· We focus on the challenge that exists in multi-view clustering and propose a potential solution that enhances the clustering performance. 
· Among the existing techniques used for constructing the shared subspace for multiple views, non-negative matrix factorization has attracted extensive attention. 
· Different from existing multi-view clustering methods, a new shared hidden space learning method is proposed in the present study to exploit the relationship between different views along with the optimization of the clustering centers.
· Many existing multi-view clustering methods such as Co-FKM, Co-FCM and WV-COFCM, the proposed HSS-MVFC method will continue to treat FCM as the basic framework.
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· In this paper, we approach this problem by proposing a novel normalization strategy and following the principle that factors representing clustering structures learnt from multiple views should be regularized toward a common consensus.
· We present the proposed joint matrix factorization formulation for multi-view clustering and effective iterative update rules to solve the optimization problem.
· In light of this challenge, we design a novel normalization procedure, which can successfully solve the problem.
· However, due to non-sparseness of the intermediate matrices for eigendecomposition, the computational complexity becomes an issue, which can be observed. 
2.2. PROPOSED SYSTEM 
· The proposed method uses maximum entropy strategy to control the weights of different views while learning the shared hidden space.
· In different application fields, many multi-view algorithms have been proposed to make full use of multi-view data, such as multiview cooperation learning in clustering.
· In order to deal with large-scale data clustering problems, a new robust large-scale multi-view clustering method was proposed to integrate multiple representations of large scale data.
· Some researchers have proposed multi-view clustering ensemble learning that combines different ensemble techniques for multi-view clustering.
· The framework of FCM is the basic framework of the proposed method and that of NMF is used to construct the shared hidden view.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· Two metrics, the accuracy (AC) and the normalized mutual information (NMI) are used to measure the clustering performance.
· Observing that these multiple representations often provide compatible and complementary information, it becomes natural for one to integrate them together to obtain better performance rather than relying on a single view.
· NMF has become a popular technique for data clustering, and it is reported to achieve competitive performance compared with most of the state-of-the-art unsupervised algorithms. 
· Therefore, in terms of matrix factorization, we require coefficient matrices learnt from different views to be softly regularized towards a common consensus. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Non-negative Matrix Factorization in Multimodality Data for Segmentation and Label Prediction
	Z. Akata, C. Thurau, and C. Bauckhage. 
	Multiview learning and multiview clustering attempt to identify latent components in different features spaces in a simultaneous manner.

	Learning from multiple partially observed views - an application to multilingual text categorization
	M. Amini, N. Usunier, and C. Goutte.
	We assume the existence of view generating functions which may complete the missing views in an approximate way.

	Multi-view clustering
	S. Bickel and T. Scheffer. 
	We develop and study partitioning and agglomerative, hierarchical multi-view clustering algorithms for text data.

	Correlational spectral clustering
	M. Blaschko and C. Lampert. 
	Traditional spectral clustering algorithms either assume that data can be represented by a single similarity measure, or by co-occurrence matrices that are then used in biclustering.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005
CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
      In this paper, we introduced a novel algorithm for multiview clustering based on nonnegative matrix factorization. In order to efficiently learn the underlying clustering structure embedded in multiple views, we require coefficient matrices learnt from factorizations of different views to be regularized towards a common consensus. To achieve this, we develop a joint matrix factorization algorithm to incorporate not only individual matrix factorizations but also inconsistency between each view’s coefficient matrix and the consensus. Moreover, we design a novel and effective normalization procedure to keep different factors comparable and meaningful in terms of clustering. We also show that the proposed method converges with linear time. Experiments on both synthetic and three real world datasets demonstrate that the proposed method outperforms the second best algorithm over 6% on average. 
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