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ABSTRACT
    The popularity of mobile devices has led to an explosive growth in the number of mobile apps in which Android mobile apps are the mainstream. Android mobile apps usually undergo frequent update due to new requirements proposed by users. Just-In-Time (JIT) defect prediction is appropriate for this scenario for quality assurance because it can provide timely feedback by determining whether a new code commit will introduce defects into the apps. As defect prediction performance usually relies on the quality of the data representation and the used classification model, in this work, we modify a state-of-the-art model, called Simplified Deep Forest (SDF) to conduct JIT defect prediction for Android mobile apps. This method uses a cascade structure with ensemble forests for representation learning and classification. We conduct experiments on 10 Android mobile apps and experimental results show that SDF performs significantly better than comparative methods in terms of three performance indicators. 




           
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· The tree-based models are trained to predict the code by generating new nodes taking into account the existing tree structure.
· To prepare a labeled dataset, the authors use the existing static bug detection software to identify the specific kind of bugs.
· The existing comparative studies such as show that while the state-of-the-art deep learning techniques usually perform better than standard deep learning and traditional metrics-based ones.
· We hope that this survey can be useful for researchers and practitioners in the software defect prediction, code understanding and other related fields.
· The main idea is that an artificial neural network with multiple layers is capable of progressively extracting the higher-level features from the original data to solve complex problems.
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· To deal with the problem that of the shallow machine learning based software defect prediction model can not deeply mine the software tool data, we propose software defect prediction model based on improved deep forest and autoencoder by forest.
· Then, the improved deep forest algorithm and eForest are applied to software defect prediction problem.
· Software defect prediction is a binary classification problem, which is to analyze the quality of software modules.
· To solve the problem that multi-grained scanning in deep forests may lose important information, data augmentation method is used to transform the original input features.
2.2. PROPOSED SYSTEM 
· Developing a fault prediction model is a challenging problem, and many approaches have been proposed throughout history. 
· The proposed approach represents the code as a sequence of code tokens, which is fed into a LSTM system to transform code into a feature vector and a token state representing the semantic information of the token.
· In, the features learning technique based on CNN is proposed. This model extract features from token vectors in the AST of the code and learns the transferable joint features.
· In, a new deep forest model is proposed for the software defect prediction. To detect the essential defect features, it uses the cascade learning strategy, which consists in reforming a set of the random forest classifiers into a layered network.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· Software defect prediction is an important way to make full use of software test resources and improve software performance.
·  Moreover, contrast to DNNs, the gcForest has much fewer hyper-parameters and its performance is robust in different hyper-parameter settings.
· We use data augmentation algorithms to increase the amount of data, challenging the time and efficiency of our algorithm.
· It shows that our algorithm has obvious advantages in efficiency compared to other deep learning algorithms.
· Moreover, there are mainly three techniques are used for implementing the software detect prediction models, as classification, regression and clustering. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Cross project and within-project semi supervised software defect prediction: A unified approach
	F. Wu, X. Jing, Y. Sun, J. Sun, L. Huang, F. Cui, and Y. Sun, 
	We introduce the semi supervised dictionary learning technique and propose a cost-sensitive kernelized semi supervised dictionary learning (CKSDL) approach.

	A framework for software defect prediction and metric selection
	S. Huda, S. Alyahya, M. M. Ali, S. Ahmad, J. Abawajy, H. Al-Dossari, and J. Yearwood, 
	This large number of correlated metrics makes building a software defect prediction model very complex.

	Integrated approach to software defect prediction
	E. A. Felix and S. P. Lee, 
	Empirical studies have been conducted on software defect prediction for both cross-project and within-project defect prediction.

	Are fix-inducing changes a moving target? a longitudinal case study of just-in-time defect prediction
	S. McIntosh and Y. Kamei, 
	Through a longitudinal case study of 37,524 changes from the rapidly evolving QT and OPENSTACK systems, we find that fluctuations in the properties of fix-inducing changes can impact the performance and interpretation of JIT models.






2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   

2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard


2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005














CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, in order to solve the problem that the shallow machine learning algorithm can not deeply mine the software data features in the current software defect prediction, software defect prediction model based on improved deep forest and autoencoder by forest is proposed. Firstly, the original input features are transformed by the data augmentation method to enhance the ability of feature expression, and the autoencoder by forest performs the data of dimensionality reduction on the features. Then, we use the improved deep forest algorithm and autoencoder by forest to build software defect prediction model. The experimental results show that the proposed algorithm has higher performance than the original deep forest (gcForest) algorithm, and has higher performance and efficiency than other deep learning algorithms. However, the algorithm does not consider unbalanced data problem. In future, we will be to study how to further improve the prediction performance of the algorithm and consider a solution to the problem of data imbalance in the training set. 
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