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ABSTRACT
Nowadays, adopting blockchain technology to Internet of Things has become a trend and it is important to minimize energy consumption while providing a high quality of service (QoS) in Blockchain-based IoT networks. Pre-caching popular and fresh IoT content avoids activating sensors frequently, thus effectively reducing network energy consumption. However, the user equipment in regions covered by base stations will generate distributed and time-varying data requests, hence modeling the base station topology to capturing spatio-temporal request patterns is required for the data storage pre-allocation. Traditional solutions typically fail to pay attention to the topology, resulting in the sensor being activated redundantly. In this paper, we propose Request Graph Convolutional-LSTM to capture the spatio-temporal request patterns in Blockchain-based IoT networks and make predictions. Moreover, a heuristic algorithm based on the predictions is proposed to develop pre-caching strategy, which determines the data and location to be cached to minimize the mean data retrieval latency restricted by the cache space of IoT network entities and the freshness of IoT content. Experiments show that our proposed frame provides a low energy consumption.



                            
CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· An efficient algorithm combining DRL with GCN is proposed in, with up to 39.6% and 70.6% improvement on acceptance ratio and average revenue, compared with the existing state-ofthe-art solutions.
· However, network heterogeneity in 5G networks makes the multipath routing problem become more complex for the existing routing algorithms to handle.
· They are not only used to reconstruct the existing networks, but also used to model the non-existing networks, in order to provide an estimation of the unseen cases for network operators to make better network deployment decisions in the future.
· However, most of the existing studies for SFC use a supervised learning approach, which may not be suitable for dynamic VNF resources, various requests, and changes of topologies. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· Reinforcement learning (RL) introduces ambient intelligence into the AIoT systems by providing a class of solution methods to the closed-loop problem of processing the sensory data to generate control decisions to react.
· However, there are many scenarios that it is not easy to determine the optimal locations for the agents, which may involve solving an RL problem in itself.
· Compared with valuebased methods, they can learn stochastic policies and solve RL problems with continuous actions.
· However in many real-world problems, total environment information cannot be observed by the agent accurately, usually due to the limitations in sensing and communications capabilities. 
2.2. PROPOSED SYSTEM 
· To handle this situation, re-transmission mechanisms are proposed to enhance the robustness of GNN classifiers, for both uncoded and coded wireless communication systems. 
· Beamforming is further considered, in which Message Passing Graph Neural Networks (MPGNNs) are proposed to solve both the power control and beamforming problems.
· Heterogeneous GNNs (HetGNNs) with a novel parameter sharing scheme are proposed for power control in multi-user multi-cell networks.
· The IAB topology design is formulated as a graph optimization problem and a combination of deep reinforcement learning and graph embedding is proposed for solving this problem efficiently.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· This is because that the network and computation performance, such as communication/computation delay, power consumption and network reliability, will have important impacts on the control performance of the physical system.
· This means there will be less overestimation of the Q-Learning values and more stability to improve the performance of the DRL method.
· Moreover, it can learn stochastic policies, which have better performance than deterministic policies in some situations. 
· Cooperative communication is recognized as an important technology to improve the WSNs’ performance in data transmission rate and node coverage. 
· Several performance metrics, such as connectivity, coverage, energy consumption and accuracy, can be improved by moving the nodes in the networks. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	An introduction to autonomous control systems
	P. J. Antsaklis, K. M. Passino, and S. Wang, 
	The controller is hierarchical, with an execution level (the lowest level), coordination level (middle level), and management and organization level (highest level). 

	Deep learning for IoT big data and streaming analytics: A survey
	M. Mohammadi, A. Al-Fuqaha, S. Sorour, and M. Guizani, 
	The potential of using emerging DL techniques for IoT data analytics are then discussed, and its promises and challenges are introduced.

	Reinforcement learning: An introduction
	R. S. Sutton and A. G. Barto,
	In the research area of artificial intelligence (AI) a branch that is becoming more and more important isreinforcement learning (RL).

	Context-aware computing, learning, and big data in internet of things: a survey
	O. B. Sezer, E. Dogdu, and A. M. Ozbayoglu, 
	Internet of Things (IoT) has been growing rapidly due to recent advancements in communications and sensor technologies.





2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   

2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard


2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005














CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    This paper has presented the model, applications and challenges of DRL in AIoT systems. Firstly, a summary of the existing RL/DRL methods has been provided. Then, the general model of AIoT system has been proposed, including the DRL framework for AIoT based on the three-layer structure of IoT. The applications of DRL in AIoT have been classified into several categories, and the applied methods and the typical state/action/reward in the models have been summarized. Finally, the challenges and open issues for future research have been identified. 
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