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ABSTRACT
    We consider a distributed IoT edge network whose end nodes generate computation jobs that can be processed locally or be offloaded, in full or in part, to other IoT nodes and/or edge servers having the necessary computation and energy resources. That is, jobs can either be partitioned and executed at multiple nodes (including the originating node) or be atomically executed at the designate server. IoT nodes and servers harvest ambient energy and jobs have a completion deadline. For this setup, we are concerned with the temporal allocation of jobs that maximizes the minimum level among all energy buffers in the network while meeting all the deadlines, i.e., that makes the network as much as possible energy neutral. Jobs continuously and asynchronously arrive at the IoT nodes, and computing resources are allocated dynamically at runtime, automatically adapting the processing load across nodes and servers. To achieve this, we present a Model Predictive Control based algorithm, where the job scheduler solves a sequence of low complexity convex problems and exploits future job and energy arrival estimates. The proposed technique is numerically evaluated, showing excellent adaptation capabilities, and performance close to that of an offline optimal scheduler with perfect information of all processes. 


                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· It is quite a challenge for 5G networks to meet URLLC specifications and this will entail major changes to the system architecture of the existing telecom infrastructure. 
· Mobile edge computing can then complement the goals of the access network to solve existing challenges including quality of service/experience, security, and power consumption as part of the necessary network transformation. 
· Both architectures are designed to perform real-time analytics for traffic engineering and monitoring alongside existing protocols, such as BGP.
· In addition, the coexistence of eMBB and URLLC with different service requirements is also a challenge .
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· In this paper, we address the task allocation problem which allocates and schedules a set of tasks represented by a task graph to a set of geographically distributed sensor nodes to achieve an overall system objective.
· Therefore, the dynamic resource and task allocation for energy harvesting wireless sensor networks (EH-WSNs) are required, presenting a new set of problems in the area of networking and communication.
· However, in EH-WSNs, due to the fluctuating energy sources, the energy availability profile is uncertain, making task allocation a challenging problem.
· Such problem is quite different from the task allocation problem tackled by those works, which instead focus on individual task scheduling at the node level. 
2.2. PROPOSED SYSTEM 
· In recent years, a series of works have been proposed to optimize the performance fog computing systems from various aspects.
· By formulating it as a stochastic network optimization problem, we proposed PORA, an efficient online scheme that exploits predictive offloading to minimize power consumption with queue stability guarantee.
· By exploiting their unique structures, we propose PORA, an efficient scheme that exploits predictive scheduling to make decisions in an online manner.
· ETSI proposes a platform that creates a multi-access edge system, which uses several heterogeneous access technologies, such as those proposed by 3GPP, and local or external networks, among others.
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· The performance of our proposed algorithms in terms of the scheduling length and fairness in the energy-driven task mapping objectives is evaluated through simulation.
· Generally, two design considerations for energy harvesting systems are maximizing performance and ensuring energy-neutral operation.
· To evaluate the performance of the proposed algorithm, simulations are carried out based on the available solar irradiance data from the solar energy received at different times of day and night.
· In order to validate the performance of our approach, more complex system parameters such as the number of tasks and precedences in DAG and number of sensor nodes are considered.
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Power management in energy harvesting sensor networks
	A Kansal, J Hsu, S Zahedi, MB Srivastava, 
	Sensor nodes, as constituents of wireless sensor networks, are battery driven devices and operate on an extremely frugal energy budget.

	Energy-harvesting WSNs for structural health monitoring of underground train tunnels
	A Cammarano, D Spenza, C Petrioli, 
	The main goal of this work is to investigate the feasibility of a WSN with energy-harvesting capabilities for structural health monitoring, specifically targeting underground tunnels.

	Energy-Efficient Dynamic Task Scheduling Algorithms for DVS Systems
	J Zhuo, C Chakrabarti, 
	In this paper, we first use system-level energy consideration to derive the 'optimal' scaling factor by which a task should be scaled if there are no deadline constraints.

	Adaptive energy-efficient scheduling for hierarchical wireless sensor networks
	W Li, FC Delicato, AY Zomaya, 
	 We consider a wireless sensor network where the sink sends queries form time to time, and sensors are equipped with one or more sensing components.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005

CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, the task allocation problem for a sensor network powered by harvesting energy from natural environmental phenomenon is considered. The goals are to minimize the makespan and maximize the fairness in energy-driven task mapping (i.e., energy-balancing), while satisfying the task precedence constraints and energy harvesting causality constraints. The problem is precisely formulated as a mixed integer linear problem. The proposed framework for this problem has a hybrid framework of static and dynamic adaptation stages. Heuristic algorithms are proposed to solve the static problem in two phases: scheduling of the task graph and mapping to the appropriate solar-powered sensor nodes. The performance of our proposed algorithms, in terms of energybalancing and scheduling length, is evaluated through simulation and compared with other approaches, including a genetic algorithm as a baseline. We achieve more balanced residual energy levels across the network while attaining a near optimum scheduling length. The results also show the significant improvement in terms of allocation failure ratio due to implementing the dynamic adaptation stage. 
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