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ABSTRACT
Data-driven approaches are envisioned to build future Edge-IoT systems that satisfy IoT devices demands for edge resources. However, significant challenges and technical barriers exist which complicate resource management of such systems. IoT devices can demonstrate a wide range of behaviors in the devices resource demand that are extremely difficult to manage. In addition, the management of resources fairly and efficiently by the edge in such a setting is a challenging task. In this paper, we develop a novel data-driven resource management framework named BEHAVE that intelligently and fairly allocates edge resources to IoT devices with consideration of their behavior of resource demand (BRD). BEHAVE aims to holistically address the management technical barriers by 1) building an efficient scheme for modeling and assessment of the BRD of IoT devices based on their resource requests and resource usage; 2) expanding a new Rational, Fair, and Truthful Resource Allocation (RFTA) model that binds the devices BRD and resource allocation to achieve fair allocation and encourage truthfulness in resource demand; and 3) developing an enhanced deep reinforcement learning (EDRL) scheme to achieve the RFTA goals. The evaluation results demonstrate BEHAVE's capability to analyze the IoT devices BRD and adjust its resource management policy accordingly.

                           
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· Their solution addresses very important issues in this area, such as the existence of multiple IoT standards, the heterogeneity of IoT devices and non-interoperability of existing solutions.
· Their solution overcomes some drawbacks of existing designs such as interoperability and scalability.
· It monitors the real-time location of workers, their activity, as well as the existing temperature and lighting in the workplace according to the external weather conditions.
· This has been the case with this new proposal, where an existing energy efficiency system has been improved notably with the application of CAFCLA and GECA, reducing the data traffic that enters the Cloud, especially lessening the amount of information that needs to be transmitted from the ZigBee beacons to the locating engine running in the Cloud.
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· The work in tackled the problem of admission control and resource allocation with optimization of the devices’ utility using Lyapunov dynamic stochastic optimization approach. 
· Thus, DRL is exploited in BEHAVE to generate resource allocation actions as it is capable of modeling complex problems such as resource allocation in Edge-IoT.
· The identification task is formulated as an unsupervised one-class classification (OCC) problem to detect the outliers of the BRD baseline without any labeling overhead.
· The allocation problem is casted as behavior oriented allocation with the goal of maximizing devices’ gain constrained by their budgets.
· EDRL scheme with novel accurate value function approximation for solving dimensionality problem of DRL. 
2.2. PROPOSED SYSTEM 
· Several authors have proposed solutions to motivate, educate and raise awareness among users about the importance of smart energy consumption.
· In this regard, serious games are one of the solutions proposed to improve user behaviour and these have been presented and analyzed in numerous research.
· Due to the wide variety of the proposed solutions, and above all, the multiple application areas, the state of the art presented here includes the most outstanding works in three different areas, Smart Grids, Industrial and commercial environments and Domestic environments. 
· The proposed architecture is experimental and is based on embedded devices.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· Some resource allocation proposals aim to optimize performance objectives such as power efficiency, delay, and computation rate.
· It targets optimization of the IoT system performance with consideration of devices’ BRD and devices’ budgets.
· Our system aims to balance the tradeoff between performance and complexity. 
· ON We evaluate the performance of BEHAVE in terms of the detection accuracy of the irregular BRD, detection overhead, IoT devices’ gain, fairness, variance of edge server load and converge
· To evaluate the performance of BEHAVE with respect to resource allocation, we consider the DQN scheme proposed in, DRLRA scheme in , and the optimal exhaustive search for comparison. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Future Edge Cloud and Edge Computing for Internet of Things Applications
	Jianli Pan and James McElhannon, 
	Such prospect is enabled by a series of emerging technologies, including network function virtualization and software defined networking.

	DDoS attack that disrupted internet was largest of its kind in history, experts say
	N. Woolf, 
	The victim was the servers of Dyn, a company that controls much of the internet’s domain name system (DNS) infrastructure.

	BlackIoT: IoT botnet of high wattage devices can disrupt the power grid
	Soltan, Saleh, Prateek Mittal, and H. Vincent Poor. 
	We study five variations of the MadIoT attacks and evaluate their effectiveness via state-of-the-art simulators on real-world power grid models.

	Efficient multi-user computation offloading for mobile-edge cloud computing
	Xu Chen, et al., 
	Mobile-edge cloud computing is a new paradigm to provide cloud computing capabilities at the edge of pervasive radio access networks in close proximity to mobile users.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005
CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    The paper has tackled the resource allocation problem in Edge-IoT environment with consideration of the IoT devices’ BRD. We proposed BEHAVE framework which comprises BRD modeling and assessment mechanisms, novel RFTA model and EDRL scheme. The modeling of BRD mechanism exploits deep learning to assess the IoT devices’ BRD. RFTA model assigns budgets to IoT devices according to their practiced behavior. These budgets are used to obtain resources from the edge that satisfies the IoT devices’ demands. RFTA model achieves rational and fair resource allocation policy that encourages IoT devices to be truthful in reporting their resource demands. BEHAVE employs an EDRL scheme which learns by reinforcement resource allocation policy that maximizes the devices’ gain. Moreover, BEHAVE exploits a sophisticated deep neural network to approximate value function in DRL. Evaluation results demonstrate BEHAVE’s capabilities including detection of devices’ irregular BRD, optimizing devices’ gain, and maintaining fairness. 
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