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ABSTRACT
In current Data Science applications, the course of action has derived to adapt the system behavior for the human cognition, resulting in the emerging area of explainable artificial intelligence. Among different classification paradigms, those based on fuzzy rules are suitable solutions to stress the interpretability of the global systems. However, in case of addressing Big Data analytics, they may comprise an excessive number of rules and/or linguistic labels that not only may cause losing the system performance but also may affect the system semantic as well as the system interpretability. In this paper, we propose IFC-BD, an Interpretable Fuzzy Classifier for Big Data, aiming at boosting the horizons of explainability by learning a compact yet accurate fuzzy model. IFC-BD is developed in a cell-based distributed framework through the three working stages of initial rule learning, rule generalization, and heuristic rule selection. This whole procedure allows reaching from a high number of specific rules to less number of more general and confident rules. Additionally, in order to resolve possible rules conflict, a new estimated rule weight is proposed specifically for Big Data problems. IFC-BD was evaluated in comparison to the state-of-the-art approaches of the fuzzy classification paradigm, considering interpretability, accuracy, and running time. The findings of the experiments revealed that the proposed algorithm was able to improve the explainability of fuzzy rule-based classifiers as well as their predictive performance.           
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· Organic data can be used to enhance existing statistical exercises, especially in improving coverage when this is incomplete.
· Intensified regulatory pressures has increased the number of false positives generated by existing software solutions.
· These statistics will provide meaningful complement to existing official data – for instance to assess the impact of our Assets Purchasing Programme (APP) on market functioning and for calculating a new overnight unsecured interest rate for the euro area (ESTER).
· Moreover, big data analytics can help to enhance existing financial sector assessment processes, by extending conventional methodologies and providing additional insights – in terms of eg financial sentiment analysis, early warning systems, stress-test exercises and network analysis. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· A dynamic rule filtering scheme to focus on the high density areas of the problem, for the sake of simplifying the baseline fuzzy classification model.
· In this regard, some recent innovative frameworks motivate data scientists to develop new algorithms intentionally for Big Data problems.
· Artificial Intelligence methods, especially ML models, are increasingly applied to solve complex and computational problems of human life.
· Although these datasets are for binary classification problems, the proposed algorithm is a general solution and can be easily adapted to be applied in multi-class problems.
2.2. PROPOSED SYSTEM 
· Prompted by advances in computing power, machine learning (ML hereafter) methods have recently been proposed as alternatives to time-series regression models typically used by central banks for forecasting key macroeconomic variables. 
· ML methods have recently been proposed as alternatives to timeseries regression models typically used by central banks.
· Gradient Boosting trees model is proposed by Friedman (1999) and has the advantage of reducing both variance and bias.
· The corresponding ROC curve of extreme gradient boosting (XGBoost) is higher over all the considered competitors supporting the high degree of efficacy and generalization capacity of the proposed employed machine learning system.

2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· On the other perspective to obtain a competitive predictive performance, some methods like CFM-BD, apply a pre-processing transformation that is not straightforwardly interpretable.
· They may pose several challenges to the system behavior, e.g. the computation overheads, increasing running times, loss of the interpretability, or even hindering the predictive performance, among others.
· Throughout this section, the capabilities of different models in terms of system interpretability and discrimination performance are analyzed.
· As depicted, IFC-BD stands out from the rest, obtaining by far the highest interpretability level with a very similar accuracy performance.
· On the other hand, as its authors stated, this stage has an important role in the efficiency and robustness of the model so that by omitting this stage, the accuracy values would probably decrease. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Blending big data analytics: Review on challenges and a recent study
	F. Amalina, I. Targio Hashem, Z. Azizul, A. Fong, A. Firdaus, M. Imran, and N. Anuar, 
	These collected data can contain important information that may be key to solving wide-ranging problems, such as cyber security, marketing, healthcare, and fraud.

	Explanation in artificial intelligence: Insights from the social sciences
	T. Miller, 
	There has been a recent resurgence in the area of explainable artificial intelligence as researchers and practitioners seek to provide more transparency to their algorithms.

	Rule-based systems: a granular computing perspective
	H. Liu, A. Gegov, and M. Cocea, 
	In general, rule based systems are involved in knowledge discovery tasks for both purposes and predictive modelling tasks for the latter purpose.

	Classification and modeling with linguistic information granules: Advanced approaches to linguistic Data Mining
	H. Ishibuchi, T. Nakashima, and M. Nii, 
	Computer systems can easily handle mathematical models even when they are complicated and nonlinear (e.g., neural networks).



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   

2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard


2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005













CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    This study proposed, IFC-BD, an interpretable FRBCS for boosting the tenets of XAI in the Big Data scenarios. Basically, IFC-BD generated an initial RB over a cell-based area and attempted to compact it through the three working stages, not only by a vertical viewpoint to achieve a limited number of rules but also by a horizontal one to reduce the rules’ length. For the sake of scalability, IFC-BD took advantage of an approximate fuzzy rule weight and a heuristic rule selection method. The effectiveness of IFC-BD was evaluated using 9 different classification datasets in terms of classification performance and complexity measures. The experimental results and the conducted statistical tests revealed that IFC-BD could achieve a straightforward yet accurate fuzzy classifier composed of a compact RB and DB. In the case of RB, obtaining less number of short antecedent rules makes it more manageable and understandable. About DB, using less number of linguistic labels with a straightforward transition helps to provide a semantic knowledge similar to the human cognition. These characteristics allow for having explainable models, which can be conveniently interpreted by the non-expert human users. 
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