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ABSTRACT
Cloud computing becomes a promising technology to reduce computation cost by providing users with elastic resources and application-deploying environments as a pay-per-use model. More scientific workflow applications have been moved or are being migrated to the cloud. Scheduling workflows turns to the main bottleneck for increasing resource utilization and quality of service (QoS) for users. This work formulates workflow scheduling as multiobjective optimization problems and proposes a Scoring and Dynamic Hierarchy-based NSGA-II (Nondominated Sorting Genetic Algorithm II), called SDHN for short, to minimize both makespan and cost of workflow execution. First, a scoring criterion is developed to calculate the total score for each individual during population updating, which is used as a quantitative index to evaluate the dominance degree of individuals among the whole population. Hence, SDHN can distinguish individuals within the same dominance level and target its search toward the directions of elite solutions as their different dominance degrees and accordingly improve search efficiency. Second, a population-based dynamic hierarchical structure (HS) and its evolutionary rules are presented to update HS by comparing each child with all parental individuals from bottom to up until finding a proper dominant level. Since traversing all HS levels is not needed in most cases, the number of individual comparisons is reduced and SDHN's updating efficiency is greatly improved, especially for large-scale and complex applications. Third, to guarantee its converging to the near-optimal solutions, adaptive adjustment strategies (AASs) are designed to prevent the search from falling into local optima or diverging by checking the number of individuals at the highest HS level and then modifying the relevant genetic operations to guide the evolutionary process to approach the global Pareto Front. Extensive experiments are conducted to verify SDHN, and the results show that it outp...





        	




                            
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· Cloud computing has become a standardized way of providing IT services delivered through Internet technologies in a pay-per-use and in a self-service way.
· Workflow scheduling tries to map the workflow tasks to the Virtual Machines (VMs) based on different functional and non-functional requirements.
· The flexibility of Cloud Services support any individual or organization to go for Cloud Computing. 
· Researchers prefer the evolutionary algorithms to optimize the performance of the workflows rather than applying the heuristic scheduling algorithms and also Cloud Computing task scheduling differ from the other distributed environments viz. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· A Multi-objective Optimization Problem (MOP) is characterized by multiple conflicting objectives that require simultaneous optimization. 
· Scheduling of scientific workflows in a distributed environment is a well-known NP-complete problem and therefore intractable with exact solutions. 
· It is an NP-complete problem, so building an optimum workflow scheduler with reasonable performance and computation speed is very challenging in the heterogeneous distributed environment of clouds.
· Many existing studies deal with cloud workflow scheduling as a single or bi-objective optimization problem without considering some important requirements of the users or the providers. 
2.2. PROPOSED SYSTEM 
· Linear clustering scheme  and Dominant Sequence Clustering (DSC)  had been proposed for this. Both works used computation and communication time of tasks in a workflow to determine a cluster of tasks.
· It has been proposed for reducing data movement and increasing VM utilization. 
· This proprietary representation required specific implementation for genetic operators where population initialization, order crossover, taskto-instance crossover, and order mutation of EMO-NSGAII also were proposed for generating and manipulating a chromosome.
· After a scheduling plan for a workflow execution is proposed, the number of VMs is also determined.
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· The PEFT heuristic provides guidance to the algorithm that improves the performance of the proposed method and allows for faster convergence to suboptimal solutions. 
· Therefore, a smaller value of generational distance (GD) reveals a better performance of the achieved solution set.
· Compared with NSGA-II, the performance gain is over 50% in most of the cases whereas the improvement rate of HBMMO over MOHEFT is slightly better for small- and medium-size workflows.
· Predict Earliest Finish Time (PEFT) is an efficient heuristic in terms of makespan proposed for task scheduling in heterogeneous systems. 
· The two conflicting objectives of the proposed scheme Hybrid Bio-inspired Metaheuristic for Multi-objective Optimization (HBMMO) are to minimize makespan and to reduce cost along with the efficient utilization of the VMs. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Extensible architecture for high-performance, scalable, reliable publish-subscribe eventing and notification
	Ostrowski, K.; Birman, K.; Doley, D. 
	The approach emerges from our work on QuickSilver, a new, extremely modular and extensible platform for high-performance, scalable, reliable eventing.

	Evolutionary multi-objective workflow scheduling in cloud
	Zhu, Z.M.; Zhang, G.X.; Li, M.Q.; Liu, X.H. 
	Cloud computing provides promising platforms for executing large applications with enormous computational resources to offer on demand.

	Multi-objective workflow scheduling in Amazon EC2
	Durillo, J.J.; Prodan, R. 
	 Multi-objective scheduling of scientific applications in these systems is therefore receiving increasing research attention.

	Evolutionary multi-objective optimization: A historical view of the field
	Coello, C.A.C. 
	 Using as a framework the history of this discipline, we discuss some of the most representative algorithms that have been developed so far, as well as some of their applications.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005
























CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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                                                      CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, a novel Hybrid Bio-inspired Metaheuristic for Multi-objective Optimization (HBMMO) algorithm based on a non-dominant sorting strategy for the workflow scheduling problem in the cloud with more than two objectives is proposed and implemented using WorkflowSim. It is a hybridization of the list-based heuristic algorithm PEFT and the discrete version of the metaheuristic algorithm SOS, which aims to minimize the overall makespan, overall execution cost, and inefficient utilization of the VMs. Well-known real-world workflows are selected to evaluate the performance of the proposed method and the results demonstrate that the proposed HBMMO algorithm is highly effective and promising with potentially wide applicability for the scientific workflow scheduling problem in an IaaS cloud, and attains a uniformly distributed solution set with better convergence towards the true Pareto optimal front. In future work, we intend to develop an environment friendly distributed scheduler for VMs between cloud data centers so that energy can be saved and CO2 emissions can be reduced. 
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