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ABSTRACT
Chinese word embedding models capture Chinese semantics based on the character feature of Chinese words and the internal features of Chinese characters such as radical, component, stroke, structure and pinyin. However, some features are overlapping and most methods do not consider their relevance. Meanwhile, they express words as point vectors that cannot better capture different aspect semantics of Chinese words. In this paper, we propose a Feature Subsequence based Probability Representation Model (FSPRM) for learning Chinese word embeddings, in which we first integrate the morphological and phonetic features (stroke, structure and pinyin) of Chinese characters and learn their relevance by designing a feature subsequence to capture relatively comprehensive semantics of Chinese words, then feature probability distribution is proposed for capturing different aspect meanings of Chinese words based on the three internal features and probability representation by estimating its mean as the sum of feature subsequences. Chinese words with similar features may have similar semantics, then we map Chinese words to feature probability distributions and design a similarity-based objective for predicting the contextual words of the target word to learn their semantics. Extensive experiments on word analogy, word similarity, text classification and named entity recognition tasks demonstrate that the proposed method outperforms most state-of-the-art approaches.
                            
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· To better deal with these scenarios, We also train two embeddings to represent character-independent segmentation actions, ALL-s and ALL-c, and use them to average with or substitute embeddings of infrequent or unknown characters, which are either insufficiently trained or nonexistent.
· However, in general, is more likely to start a new word instead of joining the existing one as in this example. Given such conflicting evidence, models can rarely find optimal feature weights, if they exist at all.
· Nevertheless, many feature weights in such models are inevitably poorly estimated because the number of parameters is so large with respect to the limited amount of training data. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· It is widely accepted that Chinese Word Segmentation can be resolved as a character based tagging problem (Xue and others, 2003).
· To reduce the problem of error propagation and improve the low-level tasks by incorporating the knowledge from the high-level tasks, many successful joint methods have been proposed to simultaneously solve related tasks, which can be categorized into three types.
· We think this is caused by the pipeline model, in which is more sensitive to word segmentation errors and suffers more from the OOV problem, as depicted.
· Thus, the joint CWS and POS tagging can be regarded as a sequence labeling problem. 
2.2. PROPOSED SYSTEM 
· To the best of our knowledge, this is the first graph-based method to integrate CWS and dependency parsing both in the training phase and the decoding phase. The proposed model is very concise and easily implemented.
· Nevertheless, by using the our proposed model, we can exploit BERT to implement CWS and dependency parsing jointly.
· They also proposed an effective POS tag pruning method that could greatly improve the decoding efficiency.
· When decoding, we first use the proposed model to predict the character-level labeled dependency tree, and then recover the word segmentation and word-level dependency tree based on the predicted character-level arc labels.
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· In the neural-CRF model, the word (or character) embeddings are treated as input features and the performance of further application highly depends on the quality of word (or character) representation.
· The linguistic feature of English has been studied and used in the word embedding learning procedure.
· Linear chain conditional random field (CRF) (Lafferty et al., 2001) is a widely used algorithm for Chinese word segmentation.
· In view of polysemy, we divide characters into different clusters according to their most frequently-used meanings. 
· In this part, we apply character embedding as features for Chinese word segmentation using neural CRF. We conduct experiments on the widely-used Penn Chinese Treebanks 5 (CTB5) and CTB7. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	A neural probabilistic language model
	[Bengio et al.2003] Yoshua Bengio, R´ejean Ducharme, Pascal Vincent, and Christian Janvin. 2003. 
	A goal of statistical language modeling is to learn the joint probabilit y function of sequences of words.

	Deep learning of representations: Looking forward
	[Bengio2013] Yoshua Bengio. 2013. 
	 It also proposes a few forward-looking research directions aimed at overcoming these challenges.

	Latent dirichlet allocation
	[Blei et al.2003] David M Blei, Andrew Y Ng, and Michael I Jordan. 2003. 
	We describe latent Dirichlet allocation (LDA), a generative probabilistic model for collections of discrete data such as text corpora.

	Learning structured embeddings of knowledge bases
	[Bordes et al.2011] Antoine Bordes, Jason Weston, Ronan Collobert, Yoshua Bengio, et al. 2011. 
	These learnt embeddings would allow data from any KB to be easily used in recent machine learning methods for prediction and information retrieval.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005





CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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                                                      CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
      In this paper, we propose to leverage radical for learning the continuous representation of Chinese characters. To our best knowledge, this is the first work on utilizing the radical information of character for Chinese computational processing. A dedicated neural architecture with a hybrid loss function is introduced to effectively integrate radical information for learning character embedding. Our radical-enhanced model is capable to capture the semantic connections between characters from both syntactic contexts and the radical information. The effectiveness of our method has been verified on Chinese character similarity judgement and Chinese word segmentation. Experiment results on both tasks show that, our method outperforms two widely-accepted embedding learning algorithms, which do not utilize the radical information. 
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