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ABSTRACT
Hyperspectral images with tens to hundreds of spectral bands usually suffer from low spatial resolution due to the limitation of the amount of incident energy. Without auxiliary images, the single hyperspectral image super-resolution (SR) method is still a challenging problem because of the high-dimensionality characteristic and special spectral patterns of hyperspectral images. Failing to thoroughly explore the coherence among hyperspectral bands and preserve the spatial-spectral structure of the scene, the performance of existing methods is still limited. In this article, we propose a novel single hyperspectral image SR method termed RFSR, which models the spectrum correlations from a sequence perspective. Specifically, we introduce a recurrent feedback network to fully exploit the complementary and consecutive information among the spectra of the hyperspectral data. With the group strategy, each grouping band is first super-resolved by exploring the consecutive information among groups via feedback embedding. For better preservation of the spatial-spectral structure among hyperspectral data, a regularization network is subsequently appended to enforce spatial-spectral correlations over the intermediate estimation. Experimental results on both natural and remote sensing hyperspectral images demonstrate the advantage of our approach over the state-of-the-art methods.
                            

CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· The spectral correlation, which is characterized by that there exists strong correlation among neighboring spectral bands of hyperspectral image, has been widely used for hyperspectral image reconstruction and analysis.
· When compared with perceptual and adversarial losses, which may restore details that do not exist in the original images and is undesirable in remote sensing field, l2 and l1 losses are more credible.
· Super-resolution reconstruction can infer a high-resolution image from one or sequential observed low-resolution images. 
· It is a post-processing technique that does not require hardware modifications, and thus could break through the limitations of the imaging system. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· In order to deal with the above problems, in this paper, we proposed a novel network for single hyperspectral super-resolution, namely Spatial-Spectral Feedback Network (SSFN).
· The differences in the number of spectral bands and imaging conditions will make it difficult to establish a unified deep network. Furthermore, it is easy to cause the over-fitting problem.
· . However, there are some drawbacks to these methods. Firstly, in the testing process, they typically need to solve complex and time-consuming optimization problems. 
· Image super-resolution is a ill-posed problem, which calls for additional prior (regulation) to constrain the reconstruction process.
2.2. PROPOSED SYSTEM 
· To exploit the redundancy and correlation in spectral domain, some approaches have been proposed by exploiting the sparsity, non-local similarity, superpixelguided self-similarity, clustering manifold structure , tensor and low-rank constraints .
· Comprehensive ablation studies demonstrate the effectiveness of each component and the fusion strategy used in the proposed method.
· The proposed SSPSR method contains four main components including Grouping Strategy (GS), Progressive Upsampling (PU), Parameter Sharing (PS), and Spectral Attention (SA).
· In the proposed SSPSR method, in order to make the training process more efficient, we share the network parameters of each branch across all groups.
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· We observe that with the help of local-spectral grouping strategy, the spectral reconstruction performance is greatly improved compared with the network without the grouping strategy (G=1).
· In order to obtain the best performance, we carefully adjust the hyperparameters of these comparison methods. The bicubic interpolation is used as our baseline.
· Through these approaches have achieved very good performance, the co-registered auxiliary image with high-resolution is very arduous, which limit the progress of practical application.
· Therefore, the performance of the super-resolution methods is heavily dependent on whether the designed prior can well characterize the observed data.
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Hyperspectral image analysis techniques for the detection and classification of the early onset of plant disease and stress
	A. Lowe, N. Harrison, and A. P. French, 
	This review explores how imaging techniques are being developed with a focus on deployment for crop monitoring methods.

	A minimum spanning forest-based method for noninvasive cancer detection with hyperspectral imaging
	R. Pike, G. Lu, D. Wang, Z. G. Chen, and B. Fei, 
	A support vector machine classifier is trained to create a pixel-wise classification probability map of cancerous and healthy tissue.

	Estimating high-resolution urban surface temperature using a hyperspectral thermal mixing (htm) approach
	K. Liu, H. Su, and X. Li, 
	In this paper, a simple method that uses hyperspectral spectral mixture analysis (SMA) to estimate fine resolution urban LST is presented.

	Super-resolution reconstruction of hyperspectral images
	T. Akgun, Y. Altunbasak, and R. M. Mersereau, 
	 In this paper, we introduce a novel super-resolution method for hyperspectral images.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005











CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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                                                      CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, we propose a novel network for single hyperspectral image super-resolution called Spatial-Spectral Feedback Network (SSFN), which can faithfully reconstruct a SR hyperspectral image by enhancing low-level localspectral representations with the high-level global-spectral ones. In particular, in order to explore the spatial and spectral correlation characteristic of hyperspectral data, we carefully designed a Spatial-Spectral Feedback Block (SSFB) to handle the feedback information flow as well as the feature reuse. In addition, such recurrent structure with feedback connections requires only few parameters, which makes it possible to obtain stable training results under small data. The comprehensive experimental results on three public hyperspectral datasets have demonstrated that the proposed SSFN not only achieves the best performance in terms of some commonly used objective indicators, but also generates more clear high-resolution images in comparison with the state-of-the-art methods. 
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