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ABSTRACT
As a class of context-aware systems, context-aware service recommendation aims to bind high-quality services to users while taking into account their context requirements, including invocation time, location, social profiles, connectivity, and so on. However, current CASR approaches are not scalable with the huge amount of service data (QoS and context information, users reviews and feedbacks). In addition, they lack a rich representation of contextual information as they adopt a simple matrix view. Moreover, current CASR approaches adopt the traditional user-service relation and they do not allow for multi-relational interactions between users and services in different contexts. To offer a scalable and context-sensitive service recommendation with great analysis and learning capabilities, we provide a rich and multi-relational representation of the CASR knowledge, based on the concept of knowledge graph. The constructed context-aware service knowledge graph (C-SKG) is, then, transformed into a low-dimentional vector space to facilitate its processing. For this purpose, we adopt Dilated Recurrent Neural Networks to propose a context-aware knowledge graph embedding, based on the principles of first-order and subgraph-aware proximity. Finally, a recommendation algorithm is defined to deliver the top-rated services according to the target user's context. Experiments have proved the accuracy and scalability of our CASR approach.
                            
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· We present a music recommendation scenario that we will use as a running example throughout the paper. 
· Existing recommendation systems tend to recommend songs of a specific music genre based on the user’s profile; e.g., recommending rock and jazz for male users in their 40s.
· The graph data model provides flexibility and extensibility, making it easy to integrate data from multiple sources. We use rules to integrate the information coming from various sources and to explicate its semantics.
· Data from smartphone profile service can include users’ profile data as well as some basic contextual information. This data has a well defined structure and is relatively easy to add to the personal knowledge graph. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· Knowledge graphs can provide complementary information to overcome the problems faced by collaborative and content-based filtering approaches , since their recommendations are not linked to ratings; instead, they use domain knowledge.
· Collaborative filtering suffers mainly from two problems: sparsity of users’ data when there are few interactions between the user and the items, and cold-start problem (new user and new item).
· Content-based filtering (CBF) suffers from some limitations such as overspecialization, limited content analysis, serendipity, and new user problems.
· The underlying advantage of doing this is to overcome the problem of data sparsity.
2.2. PROPOSED SYSTEM 
· In this paper we propose an architecture for a recommendation system that can provide high-quality context aware recommendations on mobile devices without compromising privacy or incurring large storage and communication costs.
· In contrast, the proposed on-device system can use available real-time data for this purpose.
· One way to achieve this could be to use recently proposed semantic sequence labeling approaches for automatic slot filling that exploit statistical machine learning techniques such as long short-term memory (LSTM), convolutional neural networks (CNN), recurrent neural networks (RNN), and conditional random fields (CRF).
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· These systems commonly combine collaborative filtering with content-based filtering or collaborative filtering with any other recommendation approach. The goal of combination is to leverage each approach’s advantages and to improve the overall system performance.
· On the contrary, in general, classical recommendation methods based on feature vectors overlook such connections, which may result in suboptimal performance, especially when there is data sparsity.
· Concerning the performance of the analyzed works, in general, an improvement is observed compared to other recommendation methods taken as a baseline. 
· Most recommendation models focus on achieving good performance from the point of view of accuracy. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	An efficient recommender system method based on the numerical relevances and the non-numerical structures of the ratings
	Zhu, B.; Hurtado, R.; Bobadilla, J.; Ortega, F. 
	The accuracy improvement is achieved by combining the numerical relevance of the ratings with non-numerical information based on the votes structure.

	A survey of collaborative filtering-based recommender systems: From traditional methods to hybrid methods based on social networks
	Chen, R.; Hua, Q.; Chang, Y.S.; Wang, B.; Zhang, L.; Kong, X. 
	In the era of big data, recommender system (RS) has become an effective information filtering tool that alleviates information overload for Web users.

	A hybrid recommender system for recommending relevant movies using an expert system
	Walek, B.; Fojtik, V. 
	The expert system works with several parameters – average movie rating, number of ratings, and the level of similarity between already rated movies

	Application of semantic similarity calculation based on knowledge graph for personalized study recommendation service
	Jia, B.; Huang, X.; Jiao, S. 
	The efficiency of personalized recommendation service of large educational data is mainly reflected in the accuracy of the recommended algorithm.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005

CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
   This survey presented a comprehensive review of studies related to KG-based recommender systems. Additionally, it identified the technologies used, the level of development, and the contributions of each related work. KG-based recommendation methods have huge potential applications in broad fields: education, healthcare, tourism, e-commerce, entertainment, etc. In this paper, we selected 38 papers, and in at least 8 of them , the authors found improved performance against baseline or traditional models. On the other hand, according to the work analyzed, there is a lack of complete proposals that include implementing and evaluating the proposals. In fact, 43% of the analyzed proposals have a reference or conceptual description of KG-based recommendation. 
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