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ABSTRACT
    The problem of effective use of Phasor Measurement Units (PMUs) to enhance power systems awareness and security is a topic of key interest. The central question to solve is how to use this new measurements to reconstruct the state of the system. In this paper we provide the first solution to the problem of (globally convergent) state estimation of multimachine power systems equipped with PMUs and described by the fourth order flux-decay model. This work is a significant extension of our previous result, where this problem was solved for the simpler third order model, for which it is possible to recover algebraically part of the unknown state.Unfortunately, this property is lost in the more accurate fourth order model, and we are confronted with the problem of estimating the full state vector. The design of the observer relies on two recent developments proposed by the authors, a parameter estimation based approach to the problem of state estimation and the use of the Dynamic Regressor Extension and Mixing (DREM) technique to estimate these parameters. The use of DREM allows us to overcome the problem of lack of persistent excitation that stymies the application of standard parameter estimation designs. Simulation results illustrate the latter fact and show the improved performance of the proposed observer with respect to a locally stable gradient-descent based observer. 
                      
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· The high reporting rate (60 Hz) compared to 0.5-1 Hz in existing measuring systems creates a whole new application area which had not been possible before. 
· The measurements accompanied by the precise time stamps will allow for a constellation of PMUs implemented across the transmission network to generate the synchronized measurements necessary to estimate the state of the transmission network. 
· The dynamics block performs prediction using system equations while the geometry block computes the estimated measurements based on the priori states. 
· A Kalman filter gain is used to correct the priori state with the error between the measurements and their estimation. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· It is widely recognized that to improve the precision of the model, it is necessary to include additional dynamic effects, leading to a fourth order model. 
· Unfortunately, for this case, the algebraic reconstruction of part of the state is impossible, and we are confronted with the problem of estimating the full state vector.
· These two theoretical developments are instrumental to solve the current problem.
· In this paper we provide the first solution to the state observation problem for multimachine power systems described by the fourth order model.
2.2. PROPOSED SYSTEM 
· The System Identification method i) develops a linearized electromechanical model, ii) completes a parameters sub-set selection study using si8ngular values decomposition, iii) estimates the parameters of the proposed model and iv) validates its output versus the measured output.
· The objective of system identification is to use experimental or measured data as input and output of proposed model structure describing a physical system in order to estimate the proposed model parameters and order.
· However the estimation will be tested against simulation data from more sophisticated model to demonstrate the robustness of the proposed estimation.
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· The vast majority of the reported results on this matter rely on the use of linear systems-based theories, e.g., the use of Kalman filters, whose performance is assessed only via simulations, see. As thoroughly discussed in . this approach suffers from several major drawbacks.
· However, the simulation results, presented, include the multimachine case, and show the improved performance of the proposed observer with respect to a locally stable gradient-descent based observer. 
· We present some simulations that illustrate the performance of the observer of the states (x3, x4) of Proposition 3, which combines GPEBO with DREM.
· Simulation results illustrate the latter fact and show the improved performance of the proposed observer with respect to a locally stable gradient-descent based observer. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Performance enhancement of parameter estimators via dynamic regressor extension and mixing
	S. Aranovskiy, A. Bobtsov, R. Ortega, A. Pyrkin, 
	A new procedure to design parameter estimators with enhanced performance is proposed in the technical note.

	Nonlinear and Adaptive Control with Applications
	A. Astolfi, D. Karagiannis and R. Ortega, 
	The methods proposed lead to modular schemes. These algorithms cater for nonlinear systems with both parametric and dynamic uncertainties.

	Observer Design for Nonlinear Systems
	P. Bernard, 
	 In this paper, the observer design is limited to multi-input and single-output systems.

	Convergence of gradient observer for rotor position and magnet flux estimation of permanent magnet synchronous motors
	P. Bernard and L. Praly, 
	 In this paper, we prove its asymptotic stability provided the voltages/intensities (and some of their derivatives) are bounded, and the rotation speed remains away from zero.



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005






CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
 SYSTEM ARCHICTURE
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                                                CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    We have proposed a globally convergent observer for the state estimation, from PMU measurements, of multimachine power systems described by the widely popular fourth order model . It is shown that we can concentrate on the observation of the states (x3, x4) and compute x1 from an explicit algebraic equation. The observer has only a few tuning gains: the time constants of the LTI filters H in and the adaptation gains γi . The former must be selected related tothe bandwidth of the process, while the latter determine the rate of convergence of the parameter estimator. 
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