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ABSTRACT
    The heterogeneity of today’s Web sources requires information retrieval (IR) systems to handle multi-modal queries. Such queries define a user’s information needs by different data modalities, such as keywords, hashtags, user profiles, and other media. Recent IR systems answer such a multi-modal query by considering it as a set of separate uni-modal queries. However, depending on the chosen operationalisation, such an approach is inefficient or ineffective. It either requires multiple passes over the data or leads to inaccuracies since the relations between data modalities are neglected in the relevance assessment. To mitigate these challenges, we present an IR system that has been designed to answer genuine multi-modal queries. It relies on a heterogeneous network embedding, so that features from diverse modalities can be incorporated when representing both, a query and the data over which it shall be evaluated. By embedding a query and the data in the same vector space, the relations across modalities are made explicit and exploited for more accurate query evaluation. At the same time, multi-modal queries are answered with a single pass over the data. An experimental evaluation using diverse real-world and synthetic datasets illustrates that our approach returns twice the amount of relevant information compared to baseline techniques, while scaling to large multi-modal databases. 
                          
                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM

· In this work, we aim to provide a unified framework to deeply summarize and evaluate existing research on heterogeneous network embedding (HNE), which includes but goes beyond a normal survey.
· Particularly, based on a uniform taxonomy that clearly categorizes and summarizes the existing models (and likely future models), we propose a generic objective function of network smoothness, and reformulate all existing models into this uniform paradigm while highlighting their individual novel contributions.
· We envision this paradigm to be helpful in guiding the development of future novel HNE algorithms, and in the meantime facilitate their conceptual contrast towards existing ones. 
2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· we consider the problem of identifying tuples that are most relevant for a multi-modal query. 
· We evaluated the proposed approach with a set of diverse real-world and synthetic datasets. 
· Our techniques turn out to be both efficient, scaling linearly to hundreds of thousands of data elements, and effective, retrieving twice the amount of relevant tuples compared to baseline techniques. 
· The remainder of the paper is organized as follows. Next, we motivate and formulate the addressed problem in §2. Then, §3 gives an overview of our approach. 
2.2. PROPOSED SYSTEM 
· To capture and exploit such node and link heterogeneity, heterogeneous networks have been proposed and widely used in many real-world network mining scenarios, such as meta-path based similarity search, node classification and clustering , knowledge base completion, and recommendations.
· In this work, we stress that one of the most important principles underlying HNE (as well as most other scenarios of network modeling and mining) is homophily.
· An incompatibility measure is proposed to select appropriate aspects for embedding learn
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· Due to the need to pass over the data multiple times, these systems show performance issues. 
· Other systems employ early fusion , which computes different representations for the modalities and embeds the multi-modal queries into these vector spaces.
· This dataset is intended to evaluate the efficiency of our approach to network embedding that employs a partitioning scheme, as proposed in §6.
· We evaluate efficiency in terms of the retrieval time needed to answer a multi-modal query, and the training time required to construct embeddings. 
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	Effective multi-modal retrieval based on stacked auto-encoders
	W. Wang, B. C. Ooi, X. Yang, D. Zhang, and Y. Zhuang, 
	In this paper, we propose an effective mapping mechanism based on deep learning (i.e., stacked auto-encoders) for multi-modal retrieval.

	Effective deep learning-based multi-modal retrieval
	W. Wang, X. Yang, B. C. Ooi, D. Zhang, and Y. Zhuang, 
	In particular, we first propose a general learning objective that captures both intra-modal and inter-modal semantic relationships of data from heterogeneous sources.

	End-to-end cross-modality retrieval with cca projections and pairwise ranking loss
	M. Dorfer, J. Schlu¨ter, A. Vall, F. Korzeniowski, and G. Widmer, 
	Cross-modality retrieval encompasses retrieval tasks where the fetched items are of a different type than the search query, e.g., retrieving pictures relevant to a given text query.

	Multimodal query-level fusion for efficient multimedia information retrieval
	S. Sattari and A. Yazici, 
	In this paper, we propose a fusion‐based approach at the query level to improve query retrieval performance of multimedia data. 



2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.
2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard
2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005











CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
 SYSTEM ARCHICTURE
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                                                      CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
    In this paper, we presented a new direction for multimodal IR that relies on an embedding of a heterogeneous information network. Such a HIN enables us to capture the rich semantics of both, multi-modal data and queries. Based thereon, we proposed a novel network embedding model to obtain a vectorized representation of a HIN and a technique to construct a query embedding based on the HIN embedding through mapping and combination operators. As a result, we obtain embeddings that are defined over the same space to achieve accurate relevance assessment. We further introduced a network partitioning scheme to increase the scalability of the network embedding. Our experimental results for real-world and synthetic datasets illustrate the efficiency and effectiveness of our approach. 
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