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ABSTRACT
Appropriate allocation of system resources is essential for meeting the increased user-traffic demands in the next generation wireless technologies.Traditionally, the system relies on channel state information (CSI) of the users for optimizing the resource allocation, which becomes costly for fast-varying channel conditions.Considering that future wireless technologies will be based on dense network deployment, where the mobile terminals are in line-of-sight of the transmitters, the terminals’ position information provides an alternative to estimate the channel condition.In this work, we propose a coordinates-based resource allocation scheme using supervised machine learning techniques, and investigate how efficiently this scheme performs in comparison to the traditional approach under various propagation conditions. We consider a simplistic system set up as a first step, where a single transmitter serves a single mobile user.The performance results show that the coordinates-based resource allocation scheme achieves a performance very close to the CSI-based scheme, even when the available user’s coordinates are erroneous.The proposed scheme performs consistently well with realistic system simulation, requiring only 4 s of training time, and the appropriate resource allocation is predicted in less than 90 µs with a learnt model of size 

                          CHAPTER 2
2. SYSTEM ANALYSIS
2.1 EXISTING SYSTEM
· For existing wireless systems assisted by cloud computing, a huge amount of data on historical scenarios may have been collected and stored at the cloud. 
· The strong computing capability of the cloud is exploited to search the optimal or near-optimal solutions for these historical scenarios. By classifying these solutions, the similarities hidden in these historical scenarios are extracted as a machine learning based resource allocation scheme. 
· The machine learning based resource allocation scheme will be forwarded to guide BS how to allocate radio resource more efficiently. When a BS is deployed in a new area, there is usually no available data about historical scenarios. 

2.1.1 DRAWBACKS OF EXISTING SYSTEM  : 
· We consider the maximization of transport capacity as the optimization problem in this work. 
· The transport capacity at the terminal depends on the allocation of available system resources between the BS-terminal pair.
· In this work, we apply supervised machine learning to design a coordinates-based resource allocation scheme to solve the capacity maximization problem.
· One formulation is based on designing the dataset for binary classification problem, but this implies that the output variable can take one of the two possible values. 
 2.2. PROPOSED SYSTEM 
· At the cloud, a huge amount of historical data on scenarios are stored using the cloud storage.The historical data has a lot of attributes, including the user number, the CSI of users, international mobile subscriber identification numbers (IMSIs) of users, and so on.Some attributes, such as IMSIs of users, may be irrelevant for the specific resource allocation, i.e., these irrelevant attributes are not included in the parameter ve 7 problem. 
· Learning from a large number of raw data with many attributes generally requires a large amount of memory and computation power, and it may influence the learning accuracy. Therefore, the irrelevant attributes can be removed without incurring much loss of the data quality. 
2.2.1. ADVANTAGES OF PROPOSED SYSTEM
· We present a detailed description of the coordinatesbased resource allocation scheme through machine learning proposed in, and discuss the different possibilities for dataset formulation and the associated challenges. 
· We investigate the applicability of the proposed coordinates-based resource allocation scheme using the different dataset formulations. 
· Based on the best possible choice for dataset formulation, we investigate the performance results of the proposed scheme with respect to the stochastic variations in system characterization.
Literature Survey:
	             TITLE
	            AUTHORS
	     DESCRIPTION

	High-Speed Radio-Resource Scheduling for 5G Ultra-High-Density Distributed Antenna Systems
	Y. Arikawa, H. Uzawa, T. Sakamoto, and S. Shigematsu, 
	The proposed scheme can search for the most suitable combination. It then quickly obtains the combination for which the system throughput is higher, and thus the scheduling can be done within the required period

	Thirty Years of Machine Learning: The Road to Pareto-Optimal Wireless Networks
	J. Wang, C. Jiang, H. Zhang, Y. Ren, K. Chen, and L. Hanzo, 
	Machine learning (ML) algorithms have great success in supporting big data analytics, efficient pa - rameter estimation and interactive decision making

	Deep Architectures for Modulation Recognition
	N. E. West and T. O’Shea, 
	We survey the latest advances in machine learning with deep neural networks by applying them to the task of radio modulation recognition.

	A machine learning approach to qoe-based video admission control and resource allocation in wireless systems
	A. Testolin, M. Zanforlin, M. De Filippo De Grazia, D. Munaretto, A. Zanella, M. Zorzi, and M. Zorzi, 
	In this paper, we propose a machine learning approach to support QoE-based Video Admission Control (VAC) and Resource Management (RM) algorithms.









2.3 FEASIBILITY STUDY
The feasibility Analysis is an analytical program through project manager determines the project success ratio and through feasibility study project manager able to see either project. The key considerations involved in the feasibility analysis are:
· Economic Feasibility
· Technical Feasibility
· Operational Feasibility
· Environmental Feasibility
2.3.1 ECONOMICAL FEASIBILITY
Hence this project is economically feasible there is no need to involve any cost for this project. 
2.3.2 TECHNICAL FEASIBILITY
Software Technologies used are PHP and MySql. In the educational institutions, it is possible to update the system in future. No special hardware is required for the purpose of using this system. Hence it is declared that this project is technically feasible.
2.3.3 OPERATIONAL FEASIBILITY
As the admin work mainly to maintain the Patient and Doctor .Doctor will predict patient cancer disease. Hence it is easy to operate with training. Therefore it is operationally feasible for implementation.




2.3.4 ENVIRONMENTAL FEASIBILITY
This project environment is correct as a admin has developed this system and no expenditure is involved under any head and this process is part of admin document management, this project environment is accessible.   
2.4 SYSTEM REQUIREMENTS
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse	: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.1 HARDWARE REQUIREMENTS
             The Hardware of the computer consists of physical component such as Input Devices, Storage Devices, Processing & Control units and Output Devices.  Computer includes external storage unit to store data in programs.
           The Hardware Configuration involved in this project
· System	:  Pentium IV 2.4 GHz.
· Hard Disk	: 40 GB.
· Monitor	: 15 inch VGA Color.
· Mouse 		: Logitech Mouse.
· Ram		: 512 MB
· Keyboard	: Standard Keyboard

2.4.2 SOFTWARE REQUIREMENTS 
 	Software is a group of programs that computers need to do a particular task.  It is an essential requirement of Computer System. The Software used to develop the project is
· Operating System	: Windows XP.
· Platform		: DOT NET TECHNOLOGY
· Front End		: ASP.Net 3.5
· Back End		: SQL SERVER 2005














CHAPTER 3
  SYSTEM DESIGN AND DEVELOPEMENT
SYSTEM ARCHICTURE
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                                                      CHAPTER 4
TESTING AND IMPLEMENTATION

0. TESTING
 Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one.

 4.1.1Unit Testing
	Unit testing comprises the set of tests performed by an individual programmer prior to integration of the unit into a larger system. The module interface is tested to ensure that information properly flows into and out of the program unit. The local data structure is examined to ensure that data stored temporarily maintains its integrity during all steps in an algorithm’s execution. Boundary conditions are tested to ensure that the module operates properly at boundaries established to limit or restrict processing. All independent paths through the control structure are tested. All error-handling paths are tested.

4.1.2 Block Box Testing
Black-box testing is a method of software testing that examines the functionality of an application without peering into its internal structures or workings. This method of test can be applied virtually to every level of software testing: unit, integration, system and acceptance. It is sometimes referred to as specification-based testing.




4.2 SYSTEM IMPLEMENTATION
Implementation is the stage of the project when the theoretical design is turned into a working system. This is the final and important phase in the system life cycle It is actually the process of converting the new system into a operational one. 

















                               CHAPTER 5
CONCLUSION:
This work presented a detailed design of coordinatesbased resource allocation scheme using machine learning frameworks. We used supervised machine learning to learn the relationship between the terminal’s position coordinates and the associated resource allocation to maximize the transport capacity of the system. A performance adjusted accuracy metric was introduced to determine the prediction performance of the learning frameworks with different dataset formulations, based on which the dataset formulation D2 was found to be the best. The average system transport capacity is used for performance comparison between the proposed coordinates-based resource allocation scheme, a simple geometry-based scheme and a legacy CSI-based resource allocation scheme. 
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